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: The fundamental infrastructure and regulations regarding

electronic commerce (EC) are nearly perfect; all worldwide
markets are promoting EC to increase market values and
exports to generate economic growth. No person can avoid
the ever-changing and extremely upredicatable online
economic trade environment. To adapt to these continuing
changes, enterprises must be able to seize and adjust to
this trend. To reform or innovate their enterprises, EC-
based business model (eBM) innovation is a crucial issue.
Therefore, a systematic methodology for innovating and
improving eBMs is urgently required. In this study, eBM
analysis and evaluation methods will be integrated to
propose a eBM methodology based on a BM canvas to
facilitate evaluating, reengineering, and innovating eBMs.
In addition, the cognitions of BM R&D members will be
identical to practical implementation if vast amounts of
information on the Internet can be rapidly collected,
analyzed, learned, and used by the members. The mechanism
enables eBM R&D teams to obtain up-to-date industry
information regarding their domains and process knowledge
reasoning to acquire the latest knowledge, compensating for
discrepancies among the cognitions of the members and the
actual business environment. A eBM designed by the proposed
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mechanism 1s suitable use in competitive environments. To
attain the aforementioned objectives, this study involves
(1) focusing on EC to conduct strategy and business
analyses; (2) analyzing the factors that influence
enterprise competitiveness; (3) analyzing knowledge to
design eBMs; (4) developing a systematic eBM innovation
design and evaluation methodology; (5) designing a
personality predication for target customers in eBM; and
(6) designing a value analysis and inference mechanism for
target customers in eBM.

E-business model, BMC, business model innovation,
personality inference, target customer, social media.
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(C)EFEe e
The fundamental infrastructure and regulations regarding electronic commerce (EC) are nearly perfect;
all worldwide markets are promoting EC to increase market values and exports to generate economic growth.
No person can avoid the ever-changing and extremely upredicatable online economic trade environment. To
adapt to these continuing changes, enterprises must be able to seize and adjust to this trend. To reform or
innovate their enterprises, EC-based business model (eBM) innovation is a crucial issue. Therefore, a
systematic methodology for innovating and improving eBMs is urgently required. In this study, eBM
analysis and evaluation methods will be integrated to propose a eBM methodology based on a BM canvas to
facilitate evaluating, reengineering, and innovating eBMs. In addition, the cognitions of BM R&D members
will be identical to practical implementation if vast amounts of information on the Internet can be rapidly
collected, analyzed, learned, and used by the members. The mechanism enables eBM R&D teams to obtain
up-to-date industry information regarding their domains and process knowledge reasoning to acquire the
latest knowledge, compensating for discrepancies among the cognitions of the members and the actual
business environment. A eBM designed by the proposed mechanism is suitable use in competitive
environments. To attain the aforementioned objectives, this study involves (1) focusing on EC to conduct
strategy and business analyses; (2) analyzing the factors that influence enterprise competitiveness; (3)
analyzing knowledge to design eBMs; (4) developing a systematic eBM innovation design and evaluation
methodology; (5) designing a personality predication for target customers in eBM; and (6) designing a value
analysis and inference mechanism for target customers in eBM.
Keywords: E-business model, BMC, business model innovation, personality inference, target customer,
social media.
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PRI F L E LR R R AE L EREe B NE R LR e 'F“*a’ FEEB A PE
A TR AR o A S e o AR RILARAEE A R T H R PRTZ A
PRI Fod ce AR HRE - SAFARDER 2 - B g AT FRY > ERR 3L



=g ey (Fast-paced) ik Sy

A1y H{Em

RHERY ARSI

EHiEEN SR ALY

SREY SN

BT " = NMEHRTY

S ERT A

Pt e D I HE A

Sk s EIREEEED]

DT A Dominant | Influencing DA By
(Task-oriented) 3 ffr) o=t 0| (People-oriented)

H5H I C S EUIY

SETHAY Y ETE T

%{3 jgg S . .0 A5

/%L ﬁg Compliant Steady @g; [‘[[Zj N

E I BRI

= F&EmY

BENEY HIESER

Hifrary S LYNFSTED)

B e FRfiy

3.5 Schwartz Value Theory

S A

(Slow-paced)

B 3.1:2 B %*1hDISC & 31 ;¢

i B E(Value) B A ¥ HpF 2 Ui 4s ~ GUEE BRI > 0 T U T ERFOT R i s
FTRRBPEER R B EREF A PehEhE LR B g ';w’ﬁ B A7 rp e g

2 w(Wikipedia, 2016b)

Schein (2010) -4t e s~ im0 - E423 > B ¥ o 7 = B = > pESA S BEK

(Assumption) ~ ® 4 i xgﬁ(Value)ﬂfwP&?m& = A 4= (Artifacts) » = # 75 BAP T 0% 0k SLiTRIE
2o B - BANBRERERERE AL G EAG Xk R EHEA S P HE L R PR
ST AR LTk AR T E ,gﬁ@,t.% BEZFETA L T A f e P R AT R ER

Mg itERgI PN ENLARAER o d BT rr.%,ggbg,;f P EE e A ;:g,“;}t;,%g;fggo

v B EAE A ] - BRI T - R AL g A 0 L TR B Y Ll
Afefp M ORGSR A NGRS R o Ak ngﬁfriﬂ’%’:ﬁéiﬁa&ﬁnrgg

Gt R o ERAT - BALE P T OLRE A 24 A SfoRAIE(Hh G 2 &ERE - 2006) o

BOEEE - B T S gt KITH ARG AfF A "FL%“ WAlA AR T

1:#, TRP A RENY AL 2 F LR ERTIRLEET NEY L =il T AR I S R
¥ #u] £ & (Krystallis, 2012) -
Ks x4 7% é?jfj'?‘f'% B G /\JF“ WOoRLFFLBEMERT R RE

#BLE % (Rokeach Value Survey)(Rokeach, 1973) ~ 7 %
(Hofstede, 1999) ~ fr3 L X # &

mtg?g; # @B € & (Hofstede Value Survey)
# % (Schwartz Value Survey)(Schwartz, 1992) -

Rokeach § EELE 4 #- A s % 4 5 " P e B, (Terminal Values) & "1 B 27§ &

(Instrumental Values)® + #g » ¥ & % {7 5 3 ;¢ E'T"')Tﬁ%:”;?l S ER o CENE AP ehT
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P i @R Hofstede % @8 4 4% IBM thd 3o 4T e m i e 4 > af § BB
& G T4 AL §E (power distance) <" #F & 7 /2 %% | (uncertainty avoidance) ~" & 4 A & | (individualism)
¢ g 4 ivh | (masculinity )= faw & > @ Hofstede # % Bond sut 3k > 4c » 7 T & # P~w | (Long-term
orientation) % 7 B o B > B4 LFEEAITHELIES DX R > WAL RELEIATET FERRT
L AR BAABIAMBEEEL TR THTR AAF AL TR B T 4 AT L4 5 £
P AL TR ST R

Schwartz i ’%’ EpLE 4 F & 7 Rokeach i B 4% 4 ¥ @& % fr Hofstede % L& # & 2 2 it
FOOBEE N R BT A e HuE e IL/FH’“}%ETF PR BRI AL :Lmi};’ RIS
Schwartz i}'_ @_Euif‘l_@m ¢ 7 e v 3 AR 200 B A 60 B R FSETIL R i ap aé(Schwartz,
1992, 1994; Sagiv & Schwartz, 1995) » & * &% p cni® 5 jFjp = 3% > M- & 5% p (Specific values) i

- g eniy EEP-w (Value) » | EEP-w ’é_fi]%,fsp\ | ’*ﬁﬁm (High order value) » & #t fe4p = s_r” Eale]
Pho FdhA oT A PRSP 2 Bk s BiEG (4Bl 3.2) 0 Hidhd o 4l fofle 125 B
ghio 7 e Mfefl e A Ap S enf o B oI by SAPHPM ko 5 5 I EREG ¥ J‘lé_i
z i B % *Y(Quadrant Values) » 4] 3.3 #77% o

Openness To Change Self-Transcendence Self-Transcendence
(BT IE) (R 1) (FlIftiE)
e A )

Conservation . . Self-Enhancement
(PRSFIME) Tl Unlversallsm Benevolence ‘,-" (FI )
Shel o (EHES) (RZFIM) -
Self-Direction “\ L ¢ Traditioq
(EE="10)) -~ Conformity (EE )
Openness To Change . oL (& NERE) R Conservation
(BRiH) oo > (=)
(E BRI R Security
Hedonism T (Ze=f3IE)
(L) "
Achievement Power Sal
(st 5 #2) (FRHEST)
v

Self-Enhancement

(FICTE)

W] 3.2 : Schwartz # & L7k )

Self-Transcendence

(R 4)

HIfEAE- B Flft - Orer i

Openness To Change Conservation

() (FR~FPE)

M HE-FaR iSRS AR

Self-Enhancement

(FIEt)

@) 3.3 : Schwartz % i& B % "R
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Schwartz F' 13 41 2. PVQ(Portrait Values Questionnaire) » 3% & & ¥ 11 % KiTip £ pl¥ mx% =
A oom 2zl ERE % VLR AT L8 X 8 (3 30 2012) o Krystallis & & X (2012);§d PVQ %7 f#
ﬁ%‘f’?{f‘?%\ *;;fA/a?c‘f‘&iagl'Lg EEE A BICA rrﬂ;#ﬂpﬁalé?-q—fﬁ z;mgﬁd\’%*#ﬂl’ﬁmﬁe%
Ry pEatietAns i Ra 223 Fains o s 7 kiR ai
3.6 BABRLIE K

Behavior) > vt 7 5 s AR B IF S 5 T HY T e Z i % iF Ao RAE S 2 EEET (R
Fosk 0 2017) o AT T ARFE L o EX LB R FALR ~H*é rwdac 30 B_E AL P S 1 (Social
Influence) » #-p & ¢ * ﬂ ZAER R N AT 0 a5 F AR X s 5 B g (Follow) B iR 0 o &
F* e i=5emo @ gy 235 2 FAg(Diffusion) i "f(Zhang etal.,2014) ; Yang & + { &
e fedidomd gt —"Ff AT P Ed R KA S R AT g ez & (Yang et al,

2015) -

Al B PALE R 5 @ ’Jﬁm B BT AR 7N end B 53§ 7 % (Sequential
5y

45 gk(Point-of-Interest, POI) & 4§ Bh(Venue) » 45 e 8 A if 3+ PIRIEY BT P 0F R B g o &
ALY A SA B FRA Y Lo E R - Tk B AT RERY 9§ TS o oAb FH T
B A G4 s AR FOUDR B IR R 2 2 BN EARL K b TR 1t Bk R
(Collaborative Filtering, CF)e= 3% » 45 MM F ApiTenp R340 > T IR F & chde e o 32 742 K (Ying et
al., 2012) - Ye % 4 (2011)i¢ * 2 e @i Pitrs B HAE P B 2 BPMEFPNRTE LR ES
B F A e o 22— B HE(Fusion Framework) » #2i¢ * & ki (73 L3 8 o E 35 i eh®
ABZEYE B AR o

pEBERLE R VY EDFE S 2 ‘“(Soual influence) ~ B 4 i £+(Ind|V|duaI
preference) ~ £ 4& gk gr& (popularity of POI) ~ % (Geographic position) % » H ¢ B £ i 4F 12
FABRL A AT AR Ry BEAE P R A 'H e g mffﬂ B TE S AR i 5

B AR 8L Y BOITR LA ;Ti S HRE R PR S AT LR e  F EE m#&%:z%,
FREEHTREPRERTAE  FERY FOpHEEE NG R L2 FEY T RET A &
.% iz (Zhang et al., 2014; Zhang etal., 2015) -

BRI Y 5 L E R A EE R v P BB RRy A BT (Human Mobility) 5 & 4F cF R
Wk A EE GPS R P &2 H%rr@,“r_b y W AT TR T b 0 GPS § fred At A eh s o A
LY Bt T OH TR T s R R o hegt A B AL R A AR A
T ELERE A (Blanke etal, 2014) - B EFENRE > PR ANAFEFR TR LELTY X
5% GPS FALIFL kil » 300 B aid * ¥ P RREFA] o ¥ HRERY hAH T L 0 A
SR FA AP bR B EY LA SR T 2 e o Yuan ééﬁdz(zou)szg@_@;g@;ﬁm/;#ﬁ
A Hﬁ%ﬁvmﬁ, \(Human Mobility Pattern) > x4 *& 7 ¢ 4|5, § » # (Latent Dirichlet Allocation, LDA) j#
B RBOPAEHAN NP F I RS P IEIF R T o

ZREAFEBEHE ARG TP T D EARART AT B 0 BT AP 5N A
¥ A

2R bﬁjar..u R R o Wei ¥ (2012)4 ) 0 =42 (Grid) i £ 3 1E A 1 RERIT G AR BEER
- 2 #1F 3 (Region)sh 38 & ILAE — 0% A 34 53 g 5 (Trajectory) » #b = JF = < 3% 47
PTE S 573% TRTTE R PR AF IR > T3 0 BRAF AR T R IR o
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EFREFEEFRY G F R OTHEAITN S T T RFFA T Av\%l CERHERE S s
K s o faugﬁgﬁ: a-;o;\m,&_,fiﬁmﬁpe—r,j\,yasbg\ﬁ 4737 & BEer® * |3
e éf’iﬁiv'lii“f BERER P iSSP E § 2 (Common sense) » F li;i—g\ﬂfu ‘esg.;_u A5 B e
A=K it 29 { B #x(Hernandez & Bennison, 2000) -

,J\)

ﬁ%%ﬂ%ieﬁﬁﬁﬁﬁaﬁ@a’ﬂ%$4%ﬁ%’%“ FR R F bR
EPREOPEFTRE AT IR BT KRN R ERARTIFLIEVALHEET R
(Cusumer demand) % if & &g 32 (Locatlon position) - Huff (1966) &2 7= 5 # % 41 > {4 04 £ 4f

L F TR R EAS &;?i_ Z ko iem i i74 8 = (Sales Estimation) - & Ghosh & Craig
(1983)s#= 3 > I F B 2 ;‘La‘;ﬁﬁgﬁﬁﬁv_*+a 7 b B F*mvxalﬁfi TG 8L R B
E’f"ﬁ‘i’rﬁg f,/f’:O LM I %’ ; émlﬁ%'&*’}fpx}}_ﬁ‘—m;ﬁj\—ﬁ- °

() g+

LHATFL PR AP IR ERAREH A LN H S BROH TR E 1 P
o WA BEP T (1) ML SHFEER BRI RE S R E2 Ay LT A
%yr:;Jrﬁmg‘ﬁrﬁﬁJvﬁmp“ 2 ARG EREBELFHSFAE D A EFT
SYFA R ER AR B R P S8 AR A ST 1 (T F]p 838 % T % 1 42 (concurrent
engineering) | % '—)fi:.%i]_ﬁ”f‘(vlrtum team) j 2 I ~ B TP R S i ik kg T R R
B TR, SR L R AR Al AL e AR BT SR
A5 Mkd > SETFHA] ek P R (3) MBI TEEIN 2 B f mBAER 7 0 J 0
PEAAI N2 B L MBE A EE N AT SR A R AT By 2
FI2 BB~ Bk @A AP R M ER L S HE AR EEY o b
AFFEHELAERONGTER o

FELAYE RN FEAY JUEPRARE RIS F Lo FRFEY 5 H FE2 i A BIF
*REFEL YR ¢¥%“%\Bﬂ£%ﬁﬁwéﬁﬁ»7mﬁw*:ﬁwmﬁoﬁdFwiﬁﬂé
AR NI (T35 P hi (7 0§42 FIR- L FFFEF T o SR 2 A RR T RG]
270 FPt s AP F LS - s EARTTERY 0L B - BETHER gy AR LT RRE &
BERE2AFTAEJEE - AT 2 A5 B RS P RIABFIEIRTFELFEY F &
ﬁﬁﬁﬁgﬁ%ﬁwzﬁgmﬁwwmp%oggb\Brgk mﬁwﬁﬁﬁ%ﬁ%EMﬂzd»a%;ﬁ,

z»%s—;\ﬁ [FTR R L R T AL RFERE S P AN E R % 1 BHER o F o
j\lfﬂ;i 4 EHWIEBW”}? B*ﬂ’giﬂ%’\ 3”]‘3—-’\‘7|—B ’f%irl—&;%iJ % I'_;i B %ﬁmz#”“%rﬁfr;ém/ﬁ'

v Jih ;ZE;}i,{n‘h—m@% y ¥ %“;{#r‘;zg\ﬁ_;\ P;:-‘J-.ﬂz — 5§#§&E§m§ﬁﬁxg§' 2 T}j Benp EEHEL I
PRI M Bh g o B 2 N T RGeS F R R Y K 7AV%@w¢mﬁ%ﬁﬁ
BR KL PREFDREOT FHREEL M Fpt > a3bF v %éﬁﬂéﬂl IR R ABER
AR TR BT o Rl W - BT R TIARRAE G A2 B R E L A
&AL o RS F L R E AT R F 2R TN S O KR
MR FRmERRY FARSTE R ERAFTL A EHRL O FIFET A LRI D B
PR e

(1) xxnitHi AIFTERFTERG I B/ IFERF AR S AIRTAEE A 2 LR A A M O
¥ H5N L RT r‘f’JF FAr k bL® £ %0 - 2 A& 04 & 7 (Business Model Canvas » BMC) % £

Sk



)

(3)

(4)

#7% i (Innovation Radar » IR)&h,% seit el £ HS AIFT= 2% o 2/ R - EFAES T 73T
foin® ikt io- BT MR DEGIEE R Y O AL SRS 2 LHHY FLEDLRM
GERAL BNPIRPEG - BARDTER AR E T ENIRD AAZ L FEZE L F
BT AR TR R

PHREFZARBTAFHGENTE L Ee hFH 2 2 E L FIM L AT %*i#
dla"i’r ?%@mi}'}xhﬁ%f”mfi?ﬂbi‘gxaﬁ%mg\. g;oﬂxgﬂm;gpu *Er}'bf"ﬁ +%d

i B W R L5 PLE A TR #»ﬂ*&ﬁ%?m”é’”%W@%?J1“*%£%mﬂ
#1 o &2 d Facebook i * + < 4 ff ¢ Status 4 7 7 Property » & 8 L HeiF o AAT L H
e SR Y RS A g B S0 AT P R E RS T
B SR ARE 4 RT3

PHREH ﬁﬁﬁﬁﬂbﬁﬁﬁﬁﬁmﬁi W AR P i
iz 2 o T R REEY EROT ALY u#tl..ﬁ_‘_g‘r_;g{_ HIF A
EELIR > 2 A ERBPEFfor 4 sl RFIF Froo Flt b o2k 4 47 % E/?;E?il% lngL
- BEEFFAT IR - FIPL AT UL R A S A m?riimwﬁ Facebook fri# ™ et 34
8 Instagram FAL 5 AAH - FEF d R ¥ F 2 FTH > F | BFRERFYUDSIT 2 - Y
¢ % Schwartz % EELITL § EET] > p ASEMBARAFE 2SS NE B R Y R
ﬁ’i?%ﬂ”éiﬁﬁﬁﬁTmﬁ~ﬁ%SMMm&@E%ﬁwﬁﬁi—ﬁﬁﬁy\w%ﬁ
CAeip A R R R F VAR A BB T HEY ERFRL PE > R RS
ﬁ“ﬁﬁﬁ?i-&?%&am;i~%&%%@%&@ﬁygo

HB2ZFLEBEIRESZFAE AP BEE ~ i & 2413 g (Location-based Social
Network » LBSN) - % i 4 17 Facebook ¢ * & £ 48 gh(Point-of-Interest) 2 B % - #& i35 ¢ 4
Hp R ERORE S 2 AT ﬁﬁ*ig«é % 3 B 55 14 4 47 (Regional Relevance Analy-sis) £ «
# {7 # ~ 47 (Human Mobility Analysis) » i&m 2= > % & Bhia B 2 $ el o 238 p K242 2
¥ 2 & (Density) ~ % & 2 W] (Category) 22 % 3¢/ & % » #(Clustering) » 2 % % ﬁé&‘frﬁ; Gk E s 1
P RR ;L(Kernel Den5|ty Estimation, KDE) ~ k- 32 & ;2 (k-Means) % = j# » 3+ & % 3 M B4 4

FOBER 2 PRV AT E 2 AEBSBEGEER S LR S %%%(Sequentlal Pattern
Mlnlng)—5 ;'z-\s;gﬁ"ﬁx’#’ Fhz g MR AR IGET LR B o

M eI A RFTHEP GFTIIRER D

i

REB S AL WL AT 2B E 0 A

AR RN AETERL T LS

(T)

AR BHGARTRFER S 2%

51 Bk M A H

(D& #P X R L@ F A4
£

BIRSOTE ERE Y PR AAT R E LA TAFTE e o £ EEE A A

REFAFT AAFEREEEN L P B - F Bl RY FE-FERaE RERFH

%s‘?;‘”ﬁiﬁs‘?;‘%#f{ FREVMIRZIE CFEBRHNEFT A ERIF RN T ¢

- FREAEY P1 L deBME L 27 FEY L EH
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B0 R@H ?‘-’5 F+4i£;¢ & # (Business Model Canvas » BMC) (Osterwalder & Pigneur, 2010)#71 E &
vr/\""' Fx ;\ ﬁ s ;fF'f ;I;‘_FL ,’;g pti Z"]‘ﬂ— -4,; 7 F ¥ (BlOCkS) ff‘\ 4 *#_m rTU]fE ﬁ;g frm“\. A F= ;E T8
3 ah%" kﬁiéﬂﬂiﬂ%z’ﬂiﬁf’ ?X?ﬂf - BHER TR R AR g R 2 B AT

® pPEEA I HAEIIFLIEET FRHIE(MarketSegments) 0 #54 E EE G R EDEE > ET A
g FARICE G R R FEHRAL LG REDCAAORE BFAITERTFLEST R
A tfc & (Potential Profit) » 1935 £ ¥ 02 S22 MFH L BEFDE BT TR EH 2L A 52
JRAR > NIFER RHET L TE o T A FRFEDS et pR L H 0 F > 5)4o3 B (Clustering) #
BT EF R ERES CRBETOEE S R GE R BT EFTR o T RIS EHEE
& (Murekezi et al., 2017) - é_éf#‘i & JE G AR R AT E R > R A S BT 2 RS

A
EFOFETE > U NEAE

PV e FE Al 4 (Galvinetal, 2007) - Flpgt > A3HF ¢ i
B BEATIER RGP IRLESFE fréé‘ﬁvﬁ%”* %: LR ARNK ““ SR g risgiv: £ I
3R ESPARLHE -

® WL FRFHELRERSRPE LT LD R RAT RH L M T pl
B ERE KPR E ?“} (Customer Profile): & 3 % % 3% 5 Jobs~
%m\iwai’§%ﬁ?ﬁﬁ%kﬁia’& ZpFEOYE FmeMmmwamﬂ

[
etal,2014) 5 Pl g e £ 156 5 P R o

o
T,
-
|
~=i
3
I
5
El
(=
e
pe
H
s
3\
Ve
"M'

S

O iR B EH AR WP ARA '*"ngi'L’ §OALR IR R e LR
Kl ﬁ;, A N ﬂ‘mn\ﬁ‘-@ el 2V i 4aY eni & & F (Channel Members) » @ 2k 3+
i B K v (Channel Strategy)ps » § & & T2 3% 7 1":3#; FH s LT AT T B
%f}i . .é * R ‘ff'_\’_ i H - m:\ﬁx ~ % i % B E & 40 g (Dual Distribution Channel) (Palmatier et al.,
2016) - $ RUFL B B 8 b 'Z'IE"),-» B¥gybg 28 aEHL AL > AT Ak S Hoanig i
PRI: > 5 3F g::}f;nbﬁ it Fl T 5 A3 AR gL Bk i (Point-of-Interest Recommendation
System) ) kﬁﬁif’ r}a* TR gt iz EFr o A FT I R iE 7R 8 ghih R (Retail
Location Decision) > ¢ & * 4| & £ 4H % F & g@m;ﬁ_:& &y e

@\_;

O GEEB % iTE K AR HRROFE S S E P S ERRNE NS SY M G L7
?%ﬁ—%’ﬂﬂ¥ﬁ%? ﬂ*?%&%£v4awiﬁm%»ﬁaa%%m%%%g ¥

% N F o T REFEP A SR RIANE R K PRSI AL S EYHR AL S
A g ﬁ’%ﬂﬁﬁ@?ﬁawmﬁ@ma’x%_a BN A i T I T
(POZZI etal., 2016) » TRV RERRIE (7 ﬁg z}’}‘g_} T B y}_ﬁf EPEURE-S I - 2 Fo

%O
5 % 3
*M

PRGN E R P ML E A A A - B - kAL e B A R
SRR B RATEE SR R B AT A 2 i F 20~ (Osterwalder & Pigneur, 2010) -
T RAET LR EDTE - A BREUF FEKD e AT ~£FF ~REF A
LrEF RN E R AI VI RENE > TEIHEENRE T A VRS I
et EFHARREREDOYE 0 I EFF LML F OB BT A DM G MET R
*%%ﬂ&w%%;wmﬁ%”—ﬂﬁwmaiﬁﬁ» PR L AT A oA A RG]
FHPARAAFTRFEZ S TN ANPEELR R TEAMET R -

1roak .
o "F‘C_fy:'/u‘- . t'L

::a#
&A

O Bt F R TEH AN K IR > $ MRS B end) & T 114945 Zott & Amit (2010)#% 1 e
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# I % (Content) ~ %4 (Structure) ~ % ;32 (Governance) & §5 5 5 - H 4 %] % & 1 What ~ How -
;wm,agwﬁaa?u%iﬂi.ﬁ5%@@%*$%ﬁ%’f%ﬁiﬁﬁ’ﬁﬁﬁﬁﬁﬁ
e E LLJF‘H'Jm/‘éﬁ’E"Fm [ S

O RBELITPL I - BT NULFT » FEPL G RIMGARGP L S BKFPL Nz F 22
ERF2ZBEEM G S EHE L 2 GHMEDY LM G ™ L5 o bt o

® X ARH PN AAFTE T A LSk BpE (Cost-driven) & § 18 5% F: (Value-driven) s 5f » = &
SRt AN EARACR T M A B ESER O R R E e D A AL G B B
ERAAARBOPR AR ZLE RN EI%E S REEBL -

QF B MER IR,

%32 Chesbrough (2010)#% 31| e A3 cnBf 4R 42 > 7 2 (@)- BATAIL £ 5 E & o> fﬁ;{i» B
LG A %‘- e e B S EARPRIRP RS R ﬂ% 1 #e s &t Osterwalder % + (2014)*74%

\

Pl s Bl BT MG OTR R AR AR KR B AR PR (D) R £ Fa
B%ﬁﬂr%’l%im— & ”‘-‘/E\”z@ AL g g R *f%méﬁ”’év\ii’ 4 Jﬁ'&mv EZPREH
AR HIRE BT B R A2 - 5 OF AR 4 L e ~ 4] E T (T 2 (d)
EFR A ARHEY > BERAINGS PR RAFLREDRT 0 FE T Fi‘—%; AR T A L o
7 &ILehs A2 g PRt e

\'W

& ﬁjl‘*ﬁ—}\iﬁp‘—y{)"-l— ’ﬂb}aﬁ]_ﬂfﬁBJJ’ e ,Gykkj' ij’amoﬁ;#‘%— ]{’?-ﬁ;‘; :
:b%m;}ﬁ'.«{#%lp\ 1Efﬁlﬁlpé’3@fiﬂ "‘4_7* At )"Q %’?E’ﬂlﬂlﬁ’*i = ,’g’r a4, Lﬁﬁ@%f@"fi;\ 'J%’ﬁ”?
B BT A5 gh & & (Chesbrough, 2010) - ¥ ¢t & Amit & Zott (2015) HEE G Y RT] B OIER

FRPAEEF A - FRORE RN e AR RFL ARV PFRESN L E e L QP g ¥
R R O XL T T Ty S %@’ R A SR L R R A
FPETE]E B ]‘\n% R S Al %”‘—*‘n’n% Bafe s & R- BAFahE > (D)FEER ﬁm%ﬁzﬁ,q\'ﬁ%

A o S £ R R P PPIATHOG AT ARG (OB @R N BRGNS o MART
F AP B A IR T A AN AN K S R (d)F - BB ARG G 410 Bl R ARGl R AL
Heip UF| F) 2 T 5 - B A PR %ﬁt“ Sv i T AR5 A1 FT(Amit & Zott, 2015) o

5 AD U K 3 R 2 2K 3 A 48 (Zott & Amit, 2010)i B0 3 T B AR - BRIARAE EH R
et BB wfs—amf@ j);«fmg:zw EAp N 7 @B T e i RN R R
R RHEEEH L B s R ANFE R FRFETAZ AT R o

©OFEis s T-5 DX RE R PR

BB TR A E RS T B R RN A AR S R R N B

3 — 3k o Tahir & Bojei (2014)# 3|~ £ # & AT4| 2 @97 F & OB A 7 B o AR T 0 AR
7 RTEOF AR P00 P RERILE > B AR H05N 3% = 28 (Business Model Transformation Framework » BMTF)
o fTes u—."a"iﬂ%"?ﬁ IR A R FRRBDFEL A o 0P AR BRLDIATES F L A
A FTa 4~ AEh s R B 0 e AETA) 4\963 cdele g AT IR 0 Al B B E ERD

FER A el & AATRI S Feh- T &% -

1'

T BAPAEARFL K QSR A Y e BT B A
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MR PP IS L G BHEN A > FRE B E LA SR B NN 2 BEL L > B
1y ERIRRAL o - BAp B AR 0 B R LAFR AR E 2 B R AT BETRE - B
REFAF SRR Y 8B TR UL AL adk > TREor Y o @ B 58 5
ARE o fRERDOBIER v fe & F R R R EUR e iR 42 (Eppler & Hoffmann,
2013) -

RAIFLHP 0 CEAMRALIEZ R FF B AP L A BRI R DK RED
PN AT AP BRI AL RSP RN L T R BT EEE A kg B AR A
A LRGP T L PR ZREARTEL S 3K G > 407

O BHHEAW K L QF HEY A FEA - (O)F BN AIRTPR AT (©) 4 1 3 A
(d)id 2 s it 5 ik () 3+ ¢ o TR 2 e R A PR & (N7 AR 60 2 3 7 Tk o

O AN AIRTARE J R L QP A BEHAEA B ()BT 4 R AR R
P2 FROBFEET SRPHAES C (DEFENLEBIBFRAET -~ (@B EFTANIE
R~ mpaded s 2587 2 FTAFELEHA (OF 2 TR 2 A1 8mFE -~ (h)
AR HCRS ArEkii e 2 A T8 R R B REAR S o

® HRUFEMADE S @AATRIEA R BT 52 2 ERAT - (D)8 L F ARG 2 ()
BEBHEAL

5.2 F AN EA AR

1 R AR it AP LD D - B REOREGURFET AR G 2%
SRR YT o AFT R IR PR N IS HON FFH T2 (B 5.1) 0 ARARidp BMC bk Ak in AR
(Osterwalder et al., 2010)% £ ¥ P & § * " F £RBEF L2172 £ 7 4 B €752 p AL {707
2 0 deor BMC #7dk 2. e giehgng o i g 2 s g oha 47 3 (Kraaijenbrink et al., 2010) - #
BARRC B AR 0 ¢ 7 Z FF - B $5(Chen, 2017) 0 40

(1)7 ###-7" 3% 3* (Business Model Designing) : 2 BMC 3 1 & #5348 ¢ ehA 281 » £330 ~
FRefps % c HA R ERH AL BN > B3P RIS RI G P AmER TR
FHIREAERAL A B LI AEEDHI R sREANE

(2)p ¥ & ¥+ {71437 (Feasibility Evaluation of Intra-Enterprise) @ i& {7 /& & (1)#73K 35 2. F 73 #5508

FFFHIER .

(3)#H ¥R ¢ ¥ ¥ {7 431 (Feasibility Evaluation of External-Enterprise) : » ## 4 * SWOT & 47> 2
S HOREEEN Ry U RS BN -F A E CL L

(4)Fe £ K v& s F (Competitive Strategy Improvement) @ 1345 7% #:(3) %71 2. SWOT 2 checklist » & *
TOWS 2 Z W E it R Fl 2 B {2 04 R BN iR 2w o 3 ki ien
PR

(5)3% & # % (Synthetical Evaluation) : ;£ 7 F 7355 2 B ¥ < RB(F 850 h)endR & Bams iz
WAET G K eanirR o



(6) 3 v& 3+ EIL? * (Strategy Map Establishment) : + 2 Balanced ScoreCard (BSC) & 1 & » 5 & i3
FE - R AGER AR B A hi A feRag E 1t S ostrategy map 2§ A0 P ot dp i

lFa%iraz}ﬁ-,} Eirfeenfrag ™1 B o

(N1 # 2 § 345 R 7 (Entrepreneurship or Business Model Implementation) : § = =} i 4 3% » f|
T LB ARE T AN 0 200 K RLE B AN P iR o

Iy

Business Model Designing

|

Feasibility Evaluation of
External-Enterprise
(Using SWOT)

Evaluated Business Model

A J

Feasibility Evaluation

of Intra-Enterprise - L
Competitive Strategy
Improvement

(Using TOWS)

E

Synthetical Evaluation

'

Strategy Map Establishment -

¢ Strategyf Map

Entrepreneurship or i
Business Model e :
Implementation

5.3 & W NP M S AL PR

B AT 2R S R A Bt B 2 f g UM AL B AR 6 %’*f %
Mz \/*%%Elﬁ]%m%%% QLR ﬁ’%’ﬁﬂ F o A& BMC LR T EAIRR F.‘i.ﬁermﬁf B
Bt i SN AR RO AT 0 2 (B 5.2) ) FIASWr 5 BMC 79 ® B > 45 B R HNE RE
”)3 Gt B RHR L T AIRTL T m{«éf#m (Innovation Thinking Start Block » ITSB) » T 4 3% 4 &
IFEFAIR LY B, B AP E AT AIATL 4 0P PG (Innovation Thinking Objective Block
ITOB) » T3z m & fp LA REoE S PR, ALY g 2R F AT Y a4 % (Innovation
Cornerstone > IRic) » €% & #1478 £ ( Innovation Radar)s-12 B g #70 2 — o B AFT0 4 i E
i 5 ITSB-No:ITSB-ITOB-No:ITOB (IRic) © %% s% 41478 S A2 A B > & * 7 v izie— Bifs 5
ITSB » & {7 78 #3855 IAT o

MG TR N2 G i P T 0 S W N ARV S AR 2 K AT BRI AR e IR E B
y -

3J% (% 5.1) e AFpE 4 5.1 en% 1 5] 5 &) o JEAE £ % & W% Bl(customer segment block) 5 ITSB » ¥ 4
THATH ZHDRATLL > BAATR L 2 2 B2 e & F L ALY DA FE (1) Customer



Innovation (IRCI) : #F#ATHREE#H > HHEEZASARDBT R ALATE R 2 B EFHELET
HOPRIRT o 5 ATORE R H LY A K R B2
W TR T g TR 55

= I a2
FERELRBHALIRT RIRG D EIREFTESL 0 A

ITSB-No:ITSBITOB-No:ITOB(IR) = .

Innovation Thinking Start Block (ITSB) Innovation Thinking Objective Block (ITOB) Innovation Cornerstone (IR\c)
B 5.2 1 af i 557 AR B0 B & A1ATE i 2k siv 4375 42(Chen, 2017)

Z 5.1 2N E AR R S A2 kB ARTI AR S m RS 5 5] & (Chen, 2017)

ESRERS S &

IR A Z (IR
(ITSB) £I378 5 A& % (IRic)
Customer Segments (B1: Customers Innovation (IRcy)
CS) Solutions Innovation (IRs;)
Value Propositions (B2: Offering Innovation (IRo1)
VP)

Customer Experience Innovation (IRcg))

Platforms Innovation (IRp)

Channels (B3: CH)

Presence Innovation (IRpre)
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Networking Innovation (IRy;)

Customer Relationships

Customer Experience Innovation (IR
(B4: CR) P (IRce)

Real Value Capture Innovation (IRgvc))
Revenue Streams

(B5: R$) Virtual Value Capture Innovation
(IRvvci)
Key Resources (B6: KR) Brand Innovation (IRg))

Service Networking Innovation (IRsn)

Key Activities (B7: KA)
Pocesses Innovation (IRpror)

Supply Chain Innovation (IRscy)

Key Partnerships (B8: KP)
Organization Innovation (IRorg)

Cost Structures (B9: C3) Passive Innovation Block

SAERPIF AU T FRTFRZLFRE
AETAPRN A AEE AT FRER R L EH(WEI) 0 T N F T A

SHFERIEP A 22 [ REARITHE2ZF AN > T BRAGHE - S4HE - BRI
IR R o AR EiESE - BHPATET L AE HEgA o

(SZ) E’.FM.IFB Zﬁ‘fl & Il' :;K\Fl ]I}‘H} ﬁ(l) ) ]E /fk"i’t_p_m’i’-)—itg\- i3 ‘l o, V] ?Fi’ﬁ’a?f"Ié—El f;.%f f: , #5‘ :"l? é‘;
fp i E 2 Al e

(S3) = A — A F 14 @ B ﬁ(i)wr,iw N AE A BEFT N ;;‘g Foendd %oiv gt oo
Sy g - &g v e ﬁﬁiuﬁﬂ?@) - 9?(2)”%1—: THTEZ A BEFEV e E - g L ehip it oo

6®$$£k¥¢r:%"ﬁﬁ%ﬁﬁﬁiﬁ“’QWﬁﬁﬁé%Mi@ﬂ%%ﬂi$$;k;ﬁﬁ
E ll-ﬂixam‘a%ﬁ"{{ IEE"i;}"S‘«/}J’;\'*IEB °

(SE)# 5 & chEIMp 4 HTBRAE A HBO)AMI 2 2 ¥ A2 LEAB > 35 2 block
ideality P X AATRRABRMEREM o s> T 1UCSERSHA B HRHATH 2.8 AR g 7 ant &K
ANBEREDEEE > F2 L P BRGVRS AE L E S (TCRI) -

y 2L &
oo

(SHA-ZEHG P HERLR | PR BHEREE A HE FRNLRAR  ATTRER
8 T ARt enE &2 o

COES IB*#‘“ ST PR HEEE A4 F - BRAOERELCSOEE -

SHALFBR I FHFELITER  Rfpwian@Eri 2 - BAmFER -
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(S10)igpe= 22 42  FNHZHTER > FREEF AT ERAM S AT FRARTAEE > F L
B, F 2. P32 e

(Sl RL2LAFPPE HHEFRL2ZLAAAP EFS AL TR A EEF TR %
ORI N K REIR o

(S12) K &35 - B

R R S R ER T
TELEG M L o Y

M ’{??Eé—iiﬂmm/z?‘ °

(SLA) =7 chf BN £ 33

CEHEP BT R PG £ - Y BMCiETR iE
- = ﬁ#‘ T f’rll"} I—] °

Identifying Costs and )

Types of Items in Building » gf;;t?f?:;:;

Block
e R S ‘ [] [ Cost and Revenue _ | Computing Ideality of
Bl Elimination Building Blocks
B ' Identifying Revenues and Revenue Generic

Types of Items in Building » Quantification

Block

Computing Ideality of Cost
Structure and Revenue |

Determining the Relative

Importance of the Building Calculating the Weight Levels of Integral BM
Streams (TCRI) Blocks of Each Block Feasibility (LF)
Fitabout cost and

Generating Radar Chart
L -

of BM Feasibility
revenue?

High Cost Slight Revenue
Radar Chart
v v
Unable Burden Cost Re- END Slight Revenue Re-
evaluation evaluation

:

Strategy Re-designing

The Evaluated BM Re-
engineering

53 & %P 205 AR
554 k2 foi AL T TR

T B AR ZHETAAZE B A

\g -\‘t
frb
‘-\m«
==

VTN s Rt N (P T T
Ak AT A % BMC 2 fc & it 3 23%fc & i (All Revenue Streams » AR) - ' ¥ ff
i**”‘ CS#rfgBechfey » 7 - S AHFH AP IcE > feF MR HEEF - R* P - §

RS S *""%’f CER g E 39%‘*.%#??*:“%52-%?;‘.3“ —‘g%\bwjﬁ-g‘;% %
CREEEY KL MR R R

SIS SUE-E S

=

ol e

RO T EE D R AT S A

v & AN BE R H 40T 0 Fz S ~(Fixed Cost» CT)z %6 = »(Variable Cost > CV) - % % 7

Ti- WU e B3 4] 42 93 A (Level of Cost) : Low Cost (Cy) ~ Average
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Cost (C, )~High Cost (Cn)~ # Unable Burden Cost (Cu)° ## § §f 4t fc & 2 457 2 % & 5 4% (Virtual

Revenue - RY)% 4 ##(Physical Revenue » R°)&A < & o &7 * 193 L 4 £ £ 4974 4 e i o it 49

A 2 ety
LE L B2 RS AR 9T E & =t (Revenue Level) : Low Revenue (R, ) ~ Average Revenue (R,) ~
High Revenue (R,) ~ 2 Excellent Revenue (Rey) °

FAREE AT EMS e BER 0SB LT S (MINC o maxC)Zn(mlnR maxR) o 7 #+1i-3¢ B
Ff‘ Ili— d‘i;?:’\'ﬂ\;"](.w-ﬁl._lb%éﬁj“"’ﬁ?fflff‘%? jZ‘ﬁ— " j‘\_E/rrJ" w J—ﬁéﬁ_; Bj/mé
ABEA AT E R o a4l g H PR TR o

- By BB T R NI AT E AR 0 A I T R AR o B T R
Fend - B RBATAE D i A5 P (Cost ltem)  » Bi%a 59 R B E R BT A S aft F4sA o &
- BRATEL DTE ORI RANEFERADIA S ZPBHSA LTI A NER

#\ﬂb /ﬂ—ii’ﬁaﬂ /ﬂ“/\7 G\'ﬂiiﬂ(_w_’ 1E‘_f‘rlﬂ'tf’}’”‘€' au,m,ﬁlxe‘.m—— ‘E‘IL » P - f[&;}éy@c
ﬁl’* - BHOE O BEARX AT S AR T FEARF F 2 Rl o j\ﬁﬂ’“,l'/.—ﬂ:’ﬂ}\i 7% * 4 iE
%th";m AETE O REAE NS HARBRBR D) 0205 0 0 8512 562: 7 - E L o

: (:'5.1)

g_COSt(CiX):{( C'X) +( C|x) ifU Clx;t "

if UBc, =C,

Cix® = 230 B > UBc, % LBc, ~ ™% T Cixi¥ i B * B2 B [ ©

(55.2)

(UBr,)*+(LBr,)* if UBr =R,
g _revenue(r,) =

if UBr, =R,

My# TE 38 B > UBr % LBr, A %% 77 MysH% i S % B2 o] I -

REE L AR LIRS T 7 AT (feasibility level) szt B 0 & § T 5 a0

(S1) #* ¥ # 5 éi‘i"t‘* t & Z %4 Souchkov (2010) te B # § ¥ 3% 2 & TWIH 4R 3854 0 4 % 3853
25453 E X BREAE O AR TR A G F gt F R ER £ 12 4 a2 & (Ideality) o 545.33*
E-BAREEN » N5AE T s A jxfséf#;’fwt B AT TRCIIZE M o — i % Baga@
BHE A1 ¥ BARS A TR A RARE S F 2> (/] 3012 @4%] > PlA& L o |dealityi :
A E IR R ATy E BB REDTYB AR I s FRD SCxE i RADTEXR R
BAg R AP o TCRI: & mfegin & S Ao @I | ryd tZ i syB s A
PoCok = ABHDExBS AR o

=4
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1+ g _revenue(r,)

Ideality, = — i=1to7, (¢ 5.3)
Y 1+ g _cost(c,) !

1+ g _revenue(rs,)

TCRI = — , (s* 54)
1+ g _cost(cs,) ’

(S2) Mo AMER: 27 b A LA PRI RFMED 3 > A FORAT 23 3 FhEil
AR o FpE - BRIADE R ()T ur} FREA R EERAA LR kA B BT R

0-100 > EAXF £ & f24%% o

e
o %

(S3) #- B o #E 1 B F B SR F A NE - B R AL R () 0 1553 F Ap geni
ERE WA B ATT BRAOEL > S B2 T F AR FATHRRLLE 1<i<7 ¢

-

Ii
W=

>

i=1

(5 5.5)

B) #EFHBENTFHERAE D% TANE6 P EFARGNT FHAER R o A AR5V K
oAz EAAELGEE S 50% H s 7 B RB L £ iF 50%- 257 § %+ Lendel and Varmus
(2014)# 73 I e RN T FHEARR 0 R A 5T B A HMRRE o

7
LF = (Zidealityi xW,)x50% +TCRI x50% - (;% 5.6)

i=1
56 F B

AFETHANABE > 2F 13 BHEBENT FHIER - * 0B AFTIED TR 22 %
AMAEFH - LEREE E oot fEF AR TR R BN v Tt o s
BT AT R BRI AN BB R PR B R PSRt AR
PATHR P e EATRITH » EHAL GRS PHR T A R AR o RR LD S
;Jp’» 3 ’ﬁﬁ’%ﬁﬁi’—ﬁi”“”ié?* PR FRTER AN 2 SHFH AT o EHGY A R HBERFE 4 N

2T EEFREFE - AZ 0|5 > T HZHBFMTH/EN2Z 254 ?E? C3EPR AR AT B 5.4 7
sgm\zw e E e AREFE > ks B F Hﬂ %52
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Key Partners Key Activities Value Propositions Customer Relationships Customer Segments
e AR A R(FB)
%K%ﬁz FETOEMME
i NElES .
R s Ut
=G RIS RE A sse ﬁE"L e
i AL B Key Resources 1B SRS Channels L i
il s e GRS
BRIk At EH G
B Bt Mg ra
EETEETEN R P SRE BILREEEE)
Cost structure Revenue Streams
EdEE
(B ik e 25 B APILH 2
LR B SR A e
S RN =E = P R B U R
JEEIHRAE TEE S
N
B5.4 1 AL € & ¥ H50
352 LA LR EWUPH B4
block CS VP CH CR KR KA KP | RS/CS
Ideality 1 3.1875 | 0.6154 1 0.6471 | 0.8095 | 1.2222 | 0.971
Level of relative
. 80 90 30 20 70 60 60
importance
weights 0.1951 | 0.2195 | 0.0731 | 0.0488 | 0.1707 | 0.1463 | 0.1463
Ideality x 0.1951 0.7 0.045 | 0.0488 | 0.1105 | 0.1184 | 0.1788 | 0.971
weight

7
LF = (D _ideality, xw,) x50% +ideality,, x 50%

i—L
=(0.1951+0.7+0.045+0.0488+0.1184+0.1788) x 0.5+0.971x 0.5
=1.3966x0.5+0.971x0.5

=1.1838

AEFT IR - BAELE §EDRIFTRE AABEGVEFT AT TR S 2 % R PR DE

R MG o SRS R R FE - AR i??;‘t;‘";iﬁ_m o JKZTH £ R
T;] » 3% 3" CH (feasibility=0.6154) 2 KR (feasibility=0.6471)# % #.33 - # = 5 KA (feasibility=0.8095)
Tz B B BAL GiEG o @ VP (feasibility=3.1875)7F & & cFIZ B {4 » Fpt ¥ ik AR

2 E A
FRZ R AR

%@ﬁﬁ%ﬁiﬁﬂ%ﬁﬁﬁﬁwﬁRMﬁﬁMEW@ﬁ%@*l
LEHALE fE NS YA A R

W LT AR
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(#) B HREHL BT A 1 RH B

AFLHED FYONFE RGP REFE T#m RN TR AT Y a e D i B P B 0
WAERFES RS A o A RTEREERGE 3 R EOP REHCES Y 0 2015) - AT E P R
SPC = ;% » & p # 2| % Facebook i * ¥ “74 4 mé R N A R A T o P S
Ragale - R 37 iRie i SABF > iRkiehai p At S B Y flz L TETR BRA o T
mﬁﬂ%urﬁﬁjg e AP B B P IR AP RTRER R 8L
PIT RO T G A 3 E s SEIE M 2 o

6.1 & NER 2 I HB4I(CHIL)

L SPC 2t cnF s vsent o 5 TP & T oepdi ) AT IR P 5 B B9
el B Vg R 2 3 x4 | (Crowdsourcing Haphazard Interactive Labeling » CHIL) » §_i% i 4 |
P0G RRREE IR Y A2 e A T R R X M8 (T o R A #-SPC Sk e R
FEA G TR & DA E o A1 FEFER - a1 (T FF T FE T ik
Ak RS AR TR KL S OSLFHR TG AP TRETHET L S5 FF FTEE

57 - TARRE e B FRA ARG 0 ¢ IR E T Jfﬁ-\a;?“fi,\:} SR {5 B o
2Hsrrp 2 B R A e § HE B

arrg';,ﬁ,ﬂ\/gnﬁﬁg%i’rrw»é*“ﬁ& I HEEWAICHIL) ) 02 2 > B ERE R p iR
.%z;}_ﬁat;_ 'Ed’ﬂ Pg_?ﬁmm;‘,?rr}o#}‘s"lb ﬁ»l'u—rﬁpéﬁﬁﬁfuj,ug*,J_x,féf_‘a}_,_ Fib X
T Fillx)

(1) HFefddof P SRBPBHE AP R EER LRI 2 v BEFE R F 3
g { ~PER ATH A RS @y iR 2 s E L% 4

7S
SRR r2ond > AT AEBIIA L - BER

(2) AR FBH L A CHIL 417 - 3 it 5 AfR3rr i R ATH 505 3§ enfRit > @it
ALz A BLRE F WL ﬂ;g—‘gﬂ TR e B IS ATFARR I E2E R
DILRETRF ERESE - AT P PEF - L2 T4 A (Popularity) ;> 75 78 - &4
LIEFS LEA R BP AT AT 61

CntOfUsed(T)

Pop(T) =
\/CoolDownDay(T)

(74 6.1)

HP > Pop(T) : #& T e ™ A& 5 CntOfUsed(T) © %48 T p Ak i 0 Ak #75 ik * L ik
i~ Fen=t#c; CoolDownDay(T) t 4rk F o R & T /4P e o M2 E R T p k- =X
A T L EES R ALAR Y o

dR 61Tl BERGART R E TG ARR T A RERY B - AR K
ME AABERPREDES F 20 FFAARY KR TR R % R B 0 2L
THETRFEF S R4 REAL R RLERDESE -

(B) WAL ERE (CHILBFIR 1 7 i A2 4o b 5T 2 i & X F B % R4 7 7 i Bkt

EREREE LT S G AR A ST IA R bl FEEFY h TR D, TR
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oo AFTHEP Y EFT AL NI RBEITH OB DEETAANBEREH c2FE
FeEan R TEE TR EE S b EEE G A B TR Sl B
'4E__|_ Q|J—_F‘]—z b 73|J—"—z7 §7\|$7 I% # EE‘;:F'&J :‘tl‘i';j:&-B’\: —'F‘]—ZE‘ ﬁi#_&}‘j‘%"\‘%ﬁ&—%—zé’ fé‘_o

-

(@) % $HIFZ GBI CHIL 319 0 8RB HIEF iine $LURPPF e 24 00 i
"ﬁ FILE TR R AR i g} P BPTRIFE G AT B R S H e s F
o ER R RF BT R *%ﬂﬁz%%fﬁffé Py F AR

PREE R R A R YR AR s R LR ELLF o

PR "ﬁ

Tt AFEE AR - BREGNTRESY R TS ﬁ((Labeled Count » LC) ; #2 T 3te% i
=% #=(Skipped Count » SC) ; A fE it 1 - fh v ¥+ & - BiR&K A 2 Mg > 2 LC T4 1 F kst
R - TR EDT{HR ) #R o SCHT Ll EREFIF N T EF L TS rwz?‘
FHL 2P APESCHNPEEY  F R LCESREE(FFLY :;ﬁ W 20%) L L - FBL
JEP SRS PE IR R DY F AT ﬂ:ié.(mzf;z At 205 ~15 ) MAEEF - HRr o G Reri
ﬁ’*“"”?%’” E R Ay R AR F AR R LA e R 2 LG RERETH
ﬁﬂ%iﬁdﬁi%%%%ﬁﬂﬁg: K2 F o EPHH o YR 6l mEE e kA EH RIIRE -

AEEEEACT Dnput T FAHLEY 1F 2 R R S BHMAREEA B ST FiE X R LI
E(F A )p o fciki%_:%%-;iiﬁ SEN srﬁg: cnt - Output : ;J_IE.‘,-‘»{—:’}%‘ELJFZ 12 £ & S Line 1-10 : ik g 34t
B ity 2§ 0 8¢ ERE 1&%»1&%;17;7 1% —;i oo Line3-9: F ¥ § AAihie Fik g (F &4 1 #ar
PSRN F) 0 A R AT R R F AT ALY AL A AR L F A RIE
- HF R T epE W B ARL iR ««39:—5 ﬂ“Fmﬁf_m ST R~ F iV &2 5Ra> 3§ > %
P2 F 4o~ iEiE B & CandidateStatuses § ¢ o Z 2 2 FE BT L %i.’ﬁ"ffﬁ——?& - et
;I_'%z B A ST BB | E- EE R A T S A iEEY R oLinell: BigEr 8B E
CandidateStatuses &+ # ~ ¥ G &=t #icd > 1 5 £ 5 oLine 11: #-i3 % ~ § # £ CandidateStatuses
AR R E A d P2 SRR cLine 12 P LEEIPREEFEOFELFEE
CandidateStatuses & # B~ 1% k% 5 » £ 87 SEPE ent 2 40 %% B & S - Line 12 i
Briritd BAEEOEE Y F 4 CandidateStatuses # # P~ 415 k%ev F 0 £8P S PE ont B
T F AR E RS STeoLine 12 P LiEiEd B EFNIEE Y § & CandidateStatuses § ¢ B~
kVee 3 » B 7 "EWPE et B2 4P| 85 G L S’ Line 13: w24 & S7F L BiErEiE

Eimv_q_o

Input: status set S, skipped threshold ST, top percent p, shown status count cnt
Output: shown status set S’

For i from 1 to Count(S) do
status «— S[i]
If HIsElim(status) Then
If OwnBySelfOrFriend(status) Then
If SkippedCount(status) < ST Then
push status into CandidateStatuses
End If
End If

22



9: End If

10: | End For

11: | CandidateStatuses order by Labeled count ASC

12: | §” « GetRandomStatues(TopStatuses(CandidateStatuses, p), cnt)
13: | Return S’

F—%] 6 1 *g:" EFFS,{ /'ZW" /24,%

(5) seqt RRH I AAPLAD S PG R R AELEI My F 0 R 10 )
iﬁﬂéi’ﬁjﬁgg\.ﬂvﬂlﬁﬁv}'mcio

FRE Bd e vty S ahy o0 FI5 B e Rar g YA g iaE e~ Iva 4k
R EER v i RN AT R A TR e S AN L AT P gl g
Er g N oSl LA LA T-ﬂ‘l v E ¥ Ls'{f—_’?j‘ Bl F T dopt
PR RE o 7 b fkanp ﬁsbéaﬁﬁﬁ%aﬁmsﬂn b kfEA Ra 2
FRFT LA G FEERZ B R Ao P RIS R TR :
b BRAETIR 0 FI R K- A LM ﬂi”*vﬁrw‘-ﬁﬂf dest 6203 HE - B2
Kf:fggc(Ellmmatlon)y;’1",%#;1&?‘5 2% T HEE minElim e~ _q_%-’f%-;;c%fiyi",f AT A ik
v_q_:ié’:-ju, 4c)\$,‘é?_q_ﬁ’gik#%§ 411%,%?%%?\;1—%zﬁié‘f:o

CntOfFW (P) +1 CntOfSkipped(P)
CntOfTerm(P) ( MaxOfSkipped

Elim(P) = e X (3¢ 6.2)

HeHElim(P):= % P ﬁvik“,fa‘%gt;CntOfFW(P)I g P? Rttt Ha#kE  CntOfTerm(P) :
2 F PP @ rEcE  CntOfSkipped(P) @ 2 & P At =< #ic ; MaxOfSkipped : B & % #7353
MREY R bR BE AR S HEFRLS[0 1R/ -

éﬁ62ﬂ?§ﬂ’ﬁ%ﬁ&$ﬁ%ﬁ$$%’—§¢2P£¢ﬂ%¥ﬂ¢ﬁﬁﬁwwa:gé
FP R EEE A E2 o M F A RAF - lkEp RERF > 22 ER D
T RUHEKEL LRRD P Y § FEF LG PR BT g #E%FLJ“’Kg Al g g |
Faos FRipl e R ARG EREKE RF EARFEEIRNT T HRBEAPNBDHLERGI P
BOEPRTHOEEA ARE - HP - R FPEMBAT e BN FeEfgF CEAGE
AR PRBBE G- B A LN B e B RN RE AR B Bt S e
BEAFLEY LA FERER 'EF‘?"?}"J?J;'U%% AT o Fpt B~ 05 0F L FEK e

)

6.3 8 fi + § i lr 2 TR B AL

SAEIFHEL > B FEY 2 E 5 5L CKIP(Y & 2 7 o v 2016):8 {7 E1 0 ~ %7392
"j%%%%ﬁifﬁﬁﬁEﬁéﬁﬁ@mwﬁi%ﬁwoméwwm,jﬂﬁr%ﬂéﬁ
|y MERFET YR RPN RDLES NERF o

T

i
?

ol ?ﬁ\qﬁd

ek
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(3) BrZHARKFT I EFIRRR Y XV 9 B3 E kA o+ g T (Chenetal., 2016a) -
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TFIDF(Term Frequency — Inverse Document Frequency):#@ /€35 > 2 » 3 5 - # a3 5 A @ p= -
B2 BE 2B TFIDF 5 2 F4FM AR Y 2 E B ARV HE* 2 2 0 3 5304

nij X
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N ;6.4
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s feip r F R P S B E R T o 3T E M3 E 2 e 66 3 0 6.8

OCntj, = CntOfOccur(wj, si) (¢ 6.6)

LCnt;j = CntOfLabeled(t;, wj,si) * sk € S; (5% 6.7)

OCntjk lf LCTltijk <1 .
= . b T —_— ’\4
Z OWtUk OWtUk {OCnt]k X lng LCntijk lf LCntijk >1 ()( 68)

—,’E! ¥ > CntOfOccur(wy, S) = # RwWj ® F 57 IR s CntOfLabeled(ti,wj,sk) DAV
Wi RS AR R G AR M S o s BT ERAGMB R B ESY - B2 R in LW Rw
AERGHRBOERGERY $d,° Nl BT A B AR m B M e rr s iF
7B 2 LCnt;j2- & > .iLCntijkw’ WL EHEFGEHNRIEKEF A LT cmIBERY $d;¢ ¢ e F

ﬁi’g’_ ’ =‘l|v|5i| ;2 OWtijk : ;F’iwj Eﬁ%itlﬁff@;ﬁ*%ﬁi%]?g? i‘-dl’ﬁ 4\3*5%; Eﬁ.i'%;ﬂa:’fﬁi °

A
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Gk 'ffmijwi PHAL B B R w R e s R R 2 B R A2 S Lty % 2 L
F AR B R A g ® S R logy LOntyj o R 69 FAFTHEP Y R
F - PR %%ﬂ-éﬁm*é-@\ﬂ X

Y, OW Lijk N
i=10. 5 x X log— >
THIDEy <0 2+0S |d;| X Max(TF;) log n;
3¢ 6.9)
OCnty if LCnt; <1

OWtyji = {OCntjk x log, LCntyjy  if LCnt; > 1

@R 6.2 %82 BARRE - T 2 R A E AL TPA s HE - | TPAGE B g
7 TFIDF 8 » 7 - P R-1E R £ 2L (F 6.4) 0 2L 7 inf - B & (Weight)™ 5 =2 @4
(Term;) ¥t &>+ + > #&# (Instance Tag;):- TFIDF * 4 {24 € @ (TFIDF;;) » Weight;; = TFIDF;; » |

4 @ Weight, 1 = Term,2 ¥1*"Instance Tag 7 % € ETFIDF,, °
%] 6225 LA 4T odnput : FAHLE® “75 2 F & SoOutput © FR-ERELEL M

HFoRR Jf#u;p fiF5 wjz il & - M[F £k % e<#F#l 24 TFIDF E>rgtie e & - 4EE o
% Fi;ﬁ:ﬁ HRFZIEHR A TFIDF @33 - Line 1-13 @ 444 & R4 = 3 R« TPA - Line 4-12 : /21 5
Wik s Bk e R4 G- A RLT 4o § R TPALine 5-11: 4% 5 0 % § MW eit

F2 TPA S F 8t 2 % 4e » Ak 4 » B TPA ¢ - Line 14-25 @/ﬁvﬁ TPA 3 EH 7 5 - q¥

SRR TFIDF B E & - Line 18-24 : s/ # TPA ch#rf g > T B A M b 304 ﬁg #
£ h TEIDF f& » B #dt & 2 <$ 7 454 > TFIDF &>4c » M[g ] Line 26 w i — 4 -4
#EAEL Mo

Input: status set S

Output: term-tag matrix M

1: For i from 1 to Count(S) do
2 status < SJi]

3: tags «— TagsOfistatus)

4 If HISElim(status) Then
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© ® N g

11:
12:
13:
14:
15:
16:
17:
18:
19:
20:
21:
22:
23:
24:
25:
26:

For j from 1 to Count(tags)
tag < tags[j]
profileArticle « ProfileArticle(tag)
If lIsExist(status, profileArticle) Then
push status into ProfileArticle(tag)
End If
End For
End If
End For
For i from 1 to Count(tags) do
tag « tags[i]
profileArticle « ProfileArticle(tag)
terms «— TermsOf(profileArticle)
For j from 1 to CountOfTerm(profileArticle)
term «— terms[j]
If lIsAKey(tag, M[term]) Then
weight «— TFIDF(term)
push <tag, weight> into M[term]
End If
End For
End For
Return M

d B 6.3 chiEri ¢ & — f:]"pj—é A1

FERIINEAERRSEL 0 #¥E - 7o g =g (7 Cosine

ﬁ%ﬂ,@%%wmm%vuJﬂ;wmm%%@?%%ﬁﬁiﬁﬁﬂamu%@’%&%ﬁﬁﬁ

P 2

=7

N S BUARER S8 F RIS AN

Instance Tag4

Terml [ Weightl'l
Termz Weightz’l
Term,, |[Weight,, ,

] 6.3 :

R BAEE S R R

Instance Tag, ... Instance Tagy,
Weight, , Weight; 1
Weight, , Weight, ,
Weight,, , Weight,, ,

GE S 1381

6.5 A RFAUR HFRATEF HIFRELLEE

bl i AR R e ¢ R

LA - f IR £ (TPA)T ALY A0 5§ 74
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ST 0 Bt R - A RAEAF T A D o ks £ 0 SR F 2 T A a2 e § (Personality
Profile Article » PPA) ;» xj& ® /47 & At 3] F & & e EP o LAERZEL -
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InStance Ta,gl _WeightllD WeightLI Weightl,s Weightllc_

Instance Tagz Weightsz Wel.ghtZ,I Weightzs Wel.ghtz'c

Instance Tag, |(Weight, p Weight, Weight, s Weight, (|
Rl 6.4 R#-1 Rgilfg el
6.6 f B2 HFILFTY F 184

734 % (Information Retrieval)Ag 3 ¢ > B4t 3 3% ZouRl4ts 2 £ 175 T A3 (Query) 0 28 &
THEHBEFY FESE LM ARE P 2 2 (Document) | ITHIEF LR o L RET F UFILAFTT 2
pRARIATY R PAAE AT AR RSN T AT £, RS 3?‘;@1 A R R TR
fedine $(TPA) | €5 < 2o arrf TPA B &2 9 » HH5 84T RARMAR S 1 TPA S Al5% TPA
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TPA( T AL T ), A F WL AR MARR - AR A Bt B S et 6.10 ¢

n
SimScoreg q = z (TFIDFq (term;) X TFIDFd(termi)) (¢ 6.10)
i=1
He s qrR AR 3 dEm AV H2F > SimScoregy P AT F qE 2 R d 2 B endp i A B m]» %

RER A0 T AT R Q9 e R FE Ty He R dY hEk g ’ﬂ:ﬁﬁb(ig%p@ %)
term; ET,UTy s n= |Tq UT,|; TFIDF,(term;) : #term; +#7% % q ¢ 7 TFIDF & » IDF 2. ¥ &
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6.7 A #3335 R
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Q = (WygWag, -, Wy) > t,QEN* & 6.11)

D, = (Wi, Wy, -+, Wey) » t,i €NV (4 6.12)

cosf = ?Di 0" <6 <180 (5° 6.13)
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RA B GAR T A% Q7 PR B A Ty v e & d ¥ ek ;q&g(m LA

term; ET,UT, s n= |Tq U Td|  TE,(term;) : % term; &A7% % q ¢ 1 TF & ; Weighty(term;) :
Ztermpv {2 R dFRE LY GRS aWeightid o
* = A TF,(term;) X Weight,(term;) & #* % 7 term;$>7(q, d)3 < 3 4p i1 oo oo de 4L 18
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Tag,w ... Tagin Tag, o Tagziz . Tagior - Tagiorio
User, [Simyq1 .. Simyie SiMypg - Simy ;2 Simy 101 Simy 10,ta
USBTZ I Slmz,l,l e Slmz’l’tl Slmz’z’l Slmz’z’tz Slm2,10,1 e SlmZ,lO,t4— I
User, lSimu,l,l v SIMy g1 SiMyoq L SiMy o Simy101 .. Slmu,lo,mJ

W78 A3 HEm 2§ ERERE R FEd

Flafle L EREG O ERP e A F R L AR AL IR ol EREG hi G 5
HRe Ao FARAES o Bl AR e e B ERAR S Aoyt 711 4T

\/Zk 1(Slmllk) +Zk 1(Slm12k) \/Zk 1(Slml3k) +Zk 1(Slml4-k) .
& 7.10)
t1+t2 t3+t4
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Bacft § BB G i EEPw 5 p 4 L e s BRI _’g‘_é?f & T BEAEG i B
Bes A EE W@ ALE A T AT FIR T X | AR Refle o B ERLAA 2

4o3t 712 5 e

\/Zk 1(Slmzsk) +Zk 1(Slm16k) +Zk 1(Slmz7k) \/Zk 1(Slm18k) +Zk 1(51m19k) +2 (Slmuok) ) .
) (34 7.12)

max( ,
t5+t6+t7 t8+t9+t10

POEFERY APERAVL G ERRY XT3 EFEFE

4

n
eSimg 4 = Z (TFq (term;) X eWeightd(terml-)) (7% 7.13)

i=1

He g™ &ET 2 dfli%\»“i'?r@—;;»eSimq,di%frv qﬁpﬂ.?—ﬁ F”ﬁﬂifﬁfj‘zé\ﬁt’,ﬁr'g

ﬁ’?_q_’
A AR DT 32 F 90 PR B E T v e 3 dP PR R EE(RA B FR2)
=+

terml ET,UTy:n= |Tq U Td| TF,(term;): % term; 37> % ( ¥ 7 TF;eWeight,(term;): % term;
Bl R AR ES P ST RN S DelWeight® o # - BT, (term;) X eWeighty(term;) & i % 7
term$15 (0, )3 < F A9 DL AT A B0 S AL PR A TR (g, d)A © R AR DR R B4 -

Flt v A - i F Rl T i B S e Rl e HERT e B E
B TURE AP s oo JlE RSl R Y F T E 4 2 B AcR] 7.9 0 User; 5 Facebook i
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el ket 7.14 o

max(\/zt (eSlmllk) + 3z 1(eSllek) + X8 1(eSlm18k) + 38 1(eSlmlgk) + L0 (eStmllOk)

\/Ziil(e-ﬁmm,k)z + Z}t¢2=1(eSimi,2,k)2 + Ziil(GSimi,s,k)z + fo:l(eﬁmi,s,k)z + Z,?zl(eSimw,k)z,

\/ f:l(eSimi,&k)z + Z,tcil(eSimiA‘k)z + £5=1(€Simi’5’k)2 +226=1(€Simi‘6‘k)2 + Z,t;l(eSimmk)z ,

\/Z (eSlmlg,k) + 00 1(eSlml4k) + X8 l(eSlmlgk) + 28 1(eSlm19k) + Y (eStmllOk))
(% 7.14)

£ AP ML B LR S PR T LA RS 2 B P AE R e

W R 79 ARG 2 W ERRR S R Y e R G AA HE B AKEE
ik B Ho U MABAIFES TR ERALBEIZ T ol 7.10-7.12 A u EE
s dqle pz B BB iR 2 e {ost B BB % P22 4B User; 5 Facebook i * o
i=1~m->m 5 i % —‘F‘{m4 o Tagjy » B ERIEHR > j=1~10 fﬁﬁ,ﬁé\i il K % ER
o i EREREE - F ¥ - BER Sl L Hd > Rank;jy 5 7 Simscore BAR j F ¢ At
F ¢ MEWRE R bldoRank,y g & @ F User, ¥ 3§ BRI RTag, 2 A F 2R o

v E o

¥
L\;‘J-Ef,jq;;i
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Tag,. v Tagip Tag, 1 v Tagy e Tag, v Tagars
User,[Rank;,; .. Ranky,;; Ranky;; - Rank ;¢ Rank,4q - Rankig,
Userz Rank2,1,1 Rankzllltl Rankz’z’l Rankz,z,tz Rank2,4,1 Rank2’4’t4
U’seru Ranku’l’l Ranku’l’tl Ranku‘z‘l Ranku‘z‘tz Ranku'zl.,l Ranku,z},tzl.
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User,[Rankys; .. Rankyges Rankig; .. Rankige Rankqqo, - Rank,,, tlo]
User, | Rank,s; .. Rank,s;s Rank,g, - Rank;eqe Rankjy101 - Rankz 10,610 |
User, lRanku,s,l .. Rankys.;s Rank,e,; .. Rankyge Ranky 101 .. Ranku 10, tloJ

B 7010 Bk ifw b BRSO L

Tag, . v Tagip Tag, v Tagy e Tagi01 - Tagiortio
User; [Rank;i; .. Ranki;q Ranki;q, - Rank; 3 Rankq 104 - Rank, 10,101
US€T‘2 Rankz’l‘l Rankzjl,tl Rankz'z']_ RankZ,Z,tZ Rankz,l(),l Rankz,l(),t10|
Useru Rankullll Ranku’l’tl Ranku’z’l Ranku‘z‘tz Ranku,l(),l Ranku,lO,thJ

B 702 BER G FERRRE R e
7333 ivaagE

*F 3 f Microsoft Windows10 =% £ 3 5 7 » £ & MySQL, Visual Studio 2015, Xampp, CKIP, and
Weka % 1 & » & % & Facebook APl § 71 — i user data collection website » i& (7 & 47 3 #r& 2. = j2
SR R G R o F %2 i AR(W 7.13) > Rl p 4 B:E T Authorization and questionnaire ; # it > 2 E
ARPFINEFTSERRY DT HEER PVQ EADRFE - ATV - BE R HTOR KR I
Facebook {r Instagram #72~%¥ 2_ HP » % i Facebook i & & ix* »* HP #fB~2_ APl > Instagram #7#% i
2. API i 7 if & AF2 % o F]pt > A 52 3 12 Facebook mobile ehie | % Instagram rwebviwer 4 =51 pikore |
EEEREE > T HERERZ ”‘q‘» °

. Not authorized

Experimenters
A,
Connect to the AUthorizatior Fill out the End
testing web page AP access? Questionnaire
'F Authorized
Web Cdntent
Background|Operation
< >
; Status Value type
Get AccessToken Facebook. )——{ Retrieve status analysis

B 7.13:% % F AL B A

*F 7 ot 220 improved association rule > FlE b <« £ 3 7 & 0 ltemsets 0 F] gt F LS by R e
LB e o ART 3 973K 2.2 min_Support f- min_Confidence } 4% M F-F R E F V& RO E
BARE > B R YRR T E o TR s % 0 0 T2 F RS 60 ¥4 1053
SFROTTE G A6 LT T 2 F T TE e it R 55 R (L H RS P )
dficie 5 5.2% 0 A F A TR e iR o Tt T Tag 2 W EEiR o

FBTAND B2 &;?%ﬂ + 61 A~ » i% i Facebook z. API B~#¥ 5&?{1153;@?"}?; » £ 17 20868
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PR ETE R F] % b i ¥ F <0 TF i@ - term weight table, and Simscore - & — & § % &
PA J#Eéﬂ%mfﬁ‘a‘ o F UIRR G AH - RAo A A FY MZFE TR LR R
FRA AT 6L 7 B F i xsﬁﬁ’»ra» o b TR TR A 47 ek Weka i 7 4~ 47 0 € * 10-fold cross
validation # i Classification algorithms = Feature selection algorithm i& 73+ 5 o d 2472 %% #F R 7

& * Feature selection algorithm z_ # 7z & > LiIbSVM | #h % JLdic i3 » # * 43 fis® B2 CfsSubset Eval |

2_18 » o Self-Transcendence and Self-Enhancement =38 & 2_ & & Bz & 5 83.6% > Openness to Change
and Conservation e3R8 & 2_ B iz B 5 73.7% A 4515 B Uit Ao 2 S B ¥ 5 70.4%2 5w
B FkESR HBF o B ﬂ%ﬁiﬂi"‘v % % 7 Facebook # E@EAEd] - H 4452 Br 'y < g gathg
Wartrz dcE o AT 2R AT e

(M ER2ZFEEFEREEFEY

"
o B
=

PR L ARXVPOREEH ST A I B R R B LT S
EXREHEHFIZZ2EEFFNE » 4ort iy H 34 (Checklists) sl X fAtreg 34 &8 I3 Pk &
e S %L%Q(Analogues) & AT ke BT R et F(Ratio) o SR m o gt R E 2o en
TEREBNE LB X F AP FEHREF 2N FIETE 0 NE LG op £ 5 F (Retail nose)#
- g pensl (M Sk 0 2017 5 Chenetal., 2017) -

*P*ﬁﬂaﬂ—iuﬁ%ﬁwﬁééﬂz:%%h%ﬁé’%@@ﬁ$%%ﬁ§é¢ﬁ§ﬂ%
Tl ¥ % A ¥ 7 3 (Providing Related Industry Infomation)ig i7 % $</4 47 (Requirement Analysis)
et pEEFER R L oo T TR A B R L 7 g 1 &2 iE P~ (Feature Construction &
Selection) » 53 i* F & Bhiw B e rrtd o £ 0 8 B E 3 (Machine Learning)#tpie (748 5 - 2 238 24 &

LA EAEN TR IFE o
81 FEBMRELBEFF A H

W2 AR EAPM 2 7] % 5 e =¥ B8 (Location Influence) £ 4+ #% §4 %% (Social
Influence) - 4|~ Z4s8kde B2 7% > BHFL MRS LE,EJ(Fus,lon rule) > &4 @ fe R (Sum rule)
f# A2 (Product rule)( Zhang et al., 2014 ; Zhang & Chow, 2015) = % Ying * & § (2012)s%= 3 @ -2
ABREY B s 52 A g0 B2 K,ért AP R R .m)f(lnduvndual Preference) » 11 % 4%
BL % geoi (POI Popularity)(£2 3 12 (= 8 B30 #ARiT) - AFT 598 P #0% H 3 I enfi e o T g
AT REIE L s SR

(1A ¥ 82 P (Social Influence) 1 ALF R F L E # % F2 2 s ki =R ¢ L35 54 (Influence)
g Ao RME T F g Rl B s Bl = mﬁ%i‘ﬁ 2GR A E P RA 2 2 BB

(Influence Model) -

(2)® £ ¥ (Individual Preference) @ i@ ¥ B A 4F A P95 P 11 * ﬁ Iy iR @ AR B )
U A Hp E g dF ot b o 7r & U pERF AR B 2035 5% > 1 pE R 3 B 5 95 (Spatial Temporal Activity)
B gt R a2 g Ap B a0k 4 B (Yang et al., 2015) -

(B)» i~ ¥ 2 FP(Location Influence) : @ asBLie i 5 5P BB 3 AT P FZ DT AP T2 o
gogﬁgw ﬂ%mﬁv’i¢%c§%ﬁ$:ﬁi&iﬁ&%°m@%*ﬂ?ﬁ?ﬁmﬁﬁw
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GoFRER L LAY RAPMOFEER RS R ii’}ﬁ.éﬂ—‘gmnﬁmg,%wumﬁ 5ty
S ReALR o

EELL L ATl BFIRAH LA AR SN LB A KE o E LTS —‘f;rsv,;‘ B @i ¥ ApR o A

WD A REFE o @RIIE &2 E Rk o (Influence Layer) v 22 = Ap B h T M F PR 0 AR

TP R BRAR RS 2 g e BRI Z = S TR ECAI(R 8.1) 0 ¢ 7 A4 A& (Primitive
Layer) Ak & {7 % & (Mobility and Social Layer) ~ % # 2L & (Location Layer)(Chen et al., 2017) -

oz (2]
s 00 g A
User 2 g ) - 6 Layer 1
Preference -rgb | b 0 Primitive Layer —
o o
5: D Only check-in, user
|
Route ' T O\O g‘ b Layer 2
Relationship ' @ | AN ’0 = ") Mobility and
Follow ' < m 0 28 Social Layer —
Expand g‘l 3 0 ) Layer 1 with friendship,
o :5t time-sequence
‘ré |\‘ Timeline
§ |
2 @ D Layer 3
Shopping district | Q A 6 Location Layer —
Cluster effect | E/ No user footprint,
Density |
|

@ Only location
relationship

B 8.1: i BPRFE2 = B 55 FALREPHA)

Information Get |

AT IE R e AR e Y 2 3+ (Check-in)# it o B FFALA T XA A U TR S
AL BWES Y B (A AREY VTR LR LR 1 TR B L R
sk e kR > k3R HRIE T ﬁi’ |48 8.2 2. ER-Model #7+ .(1)@ * % (User) > Al ¥ 1R
ird ihiE pH - @ % ¢ 3 ki (Preference) ~ # ¥ 5 (User ID) ; (2)#7+ # fii (Check-in Post) 2
3=+ g A (Check-in Time) ; 2 (3)3+ g:(Venue)» =+ B 47+ & 5 % ' 5 — B BEF > ¢ 7 3 BLR 5 (Venue
ID) ~ 3 B4 #E(Venue Category) ~ 3+ 8 ¢ fi(Venue Name) ~ #= =+ #c(Check-ins) ~ # xk (Address) ~ i %
(Coordinates) -

48



Check-in

Cderess
@

8.2 1 i ¥ PRI T AR
82 Wk B BBEREBHR

AORERFOURZF LRG0 £ FV U ASERE R RGOS FHFIE G HE > TR
DeiEE e H 553&’& 7% £ d #ét)%‘*,? REFLANT G AR PRI UK EOEF LR R B RS
i o 3 k2 e 3 15;,4& /¥ #1(Industry and Preference Filter) | ~ " i i 3 £ 4 [ 4%
(Location and Region Selectlon) o~ T E B R T B 3 P45 4] (Regional Relations Features Extraction
Mechanism) ;~" 4 ##45 # 45 #ic 5 B~ #% 4] (Human Mobility Features Extraction Mechanism) | » 4§ = i # 2
FRBIE (R 83 AF MW ERPFIALE LS T HPRAF S MMIEEL > B ERED
HpAp 2 eng F R w0 ’F%Léiiﬁ-},%*gfﬁim‘éj'% 2F om AIFEFRERENL S HRP AR HiFET F
AT IR EHVRFETT R NiGEIL e d R G A EEH TS BE R ST
B 2 TAEER LRI ARH AT &
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‘ ~ layer1— ‘ l Industry ‘ ‘ Layer 2 — Mobility

Preference data Questionnaire data
Layer 3 — Location " House vacancy
data ! Database |
—— Industry and ' T
Preference filter I
Location and
Region selection
6. Experiments | .
Data Requirement . and Verification
i ifi ! Trajectory Extraction
Specified Specified | reature | | ry
| I _ Evaluation : |
RR Feature Extraction [ l ; HM Feature Extraction
4. RR Feature + | Training and : 5. HM Feature Extraction
Extraction Mechanism : Prediction : Mechanism

B183 ¢ phz F & BAE 17 4
8.2.1 ¥ 3 B th A ACF B 1841
BAEFR M ARFEED 0 AP RS - BEFEE DR I(R 84) 0 * RSk B K
L E S e LR AR TR N E RS e BB BRI R 10 A S8 A 3Rs L ()F
#rai(Data Specified) » » AP F i BRATEPR P LA F G RER > X RREFFFIENHE

e AL 38 {7 T4 W B (Data Collection) /2 ik {8 3§ ena 47 97 % (2)Fx 37 F-(Require Specified) » £ a §
M EH R R EEA P EED L RE - - LT E R

e

Requirement Specified

Location Data

|
|
|
Collect Relational i
Marketing Concept :
|
|
|
|

(Competition, Business district...)

|

Region Selection
(Candidates, Radius)

Transform to Geography Features =~ [ [~~~ "~ J( _____

(Density, Category...)

|

|

|

Industry Specified ||

} | (ex. Coffee Shop) ||
___________________ |
' I

' i

Regional Relations Features | . i
Extraction #+—— Data Collection Data Specified |

|

|

Bl 8.4 1 # 3% BE T 3 B4 4
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*3E P W B = B Ap i ehiF 42 4 (Collect Relational Marketing Concept) 2 ¢ & 2 B & &3
FE 2 AX&fc VgD B4 5 A#H > KH @I 4p b 21 %*(Transform to Geography
Features) » 4o & » # ~ ¥ K > % (Chen et al., 2017) » @ it W) e T8 535 36 42 e 3 P~ 4 5
AP Z RO BT THMA > AT RN BAAHREOF RIS T

(1) % R FHs 17

% %i—*‘ﬁ»&@'ufﬁ{? &k T E g ﬁifﬁ'ﬁwﬁéﬁﬂ%%’ﬁf&ﬁ SERXFP AL >
HERSEDRETE* EFRABUARCF AR G- QLR EF LT RBRT TG M
%o 5 RRIREPN OF RZ A AR * Kernel Density Estimation (KDE)IF BRI E 2 KDE
4_— i# nonparametric entropy estimation - & ¥ < g % 3 ¢ o RIET o BiE gqjarjﬂ;zﬁ%ﬁk'a i AR
GREL 0 AP EGERFITORENR 0 AR E L RITE Bl c Ay Y - A KDE Y 2
el KDE & 0 T 40T -

.n

dvl

A(l) = Zlv |h2 ( ) v E Vl,r ()7\“ 81)

Hed vl R «—J’—-'_J_%%]p\‘t‘!lb, %Vmﬁﬁ’%ﬁ"veVlr’Vlr%\'fr“fizﬁ%lt!'i—/{g_rll\““r Y

£ 4 >h 2 KDE & pF#rZ chbandwidth @ » 2 @ 28 e:E % Scott 2Lp|iF 2 dieiz 3 N » K 4 Kernel 3

B AP kY 2 3 21308 it L Kernel function (Yuan etal., 2012) - A= 7 # M 3t & KDE &
Bl

FAZNGRAFHILE IR B 0 #71  KDE dndic? 4o » 2 2 EpB4] 0 %75 7 k& F8 55

AR e m%g‘a‘(Wang & Wang, 2007) > ## 3 W = {w, | c € C}# 7+ A ¥ ¥ ¥4& £ (Industry Impact
Quality) » C 5 * ABBLIERF R & 0 & 70,0, 0 AL AEEE > e d S R0 810 R
v 8.2

Mw—ngw@m() v €V, (+ 8.2)

BEYwW) &7 % BEEBZvIEL B -
()& ¥ ¥ 8A 15

<

PR P RGERET N EFARE AT EAREDEAEHFYUL T o Srs B LR
FORPER I RREN K EE AP ullrz{ |lceCl4 7+ P E%ELDE *;‘zéﬁ‘?djéo\‘f'*‘ )
HPj h & AEENczw B E - 3 VAR ERERE AT AP ERAE TG EWE2 Fen
Ap v A2 R - 2 Euclidean distance ¢ % 77 (5% 8.3) :

f

SNt

N

(p(W Ilr) \/Zl(:ll(wx_lx) ()7\: 83)
QA FRE s 17
AEHHEFD TS AAFEE  GER GO FENRTE I E I RPPME N PR T AT
PRYSHEDZEFENAFEERN R I AFRER L R A PEEF DA EE T o AR

il

K-Means » # & & 2 %% 3E RIS ] ch@ABLLY, 27 a3 7 HDF B s FER - R FEE
BaEd B4EEL Sipd oo B SRR IGIE L2 R > T3 /#%iié_?q‘:-’f’&é%ﬁ/w\ﬁi@,!fi R
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boebd A2 SR (ST F DB B o
(4)& ¥ e fri Fah 45

P GARE Y AAp Y R DA o v R oA BT § K L] 4 (O'Kelly,
2001) « A H B - B ARF B fodn 80, 4 7 S

9u=—MmeA (3 84)
'/ﬁTclAlT%\’ﬁ-‘ !?Fi:%l ﬂhﬁ‘ﬁm%””#/pﬁ?’ ]A“%\ 3 "L‘ /ﬂF] F]m;‘&% Eb ’T':]Z—-ﬁ}"‘l,éu\“ ?\1 I]\E‘f’]
BRI o 4 f dicd o Mp i) < RIS R B G *“gf BBt A R 2 FHE- ALY
B e frAR R 0 Rt 2 AT R T A R & Saturation point > R % BT - AR S R 50 e 0f
AR e E A T BTG
1,i. =05 .
qJ(Il,r)_{O ‘ <05’°¢ ec (¢ 8.5)

n';i-s—‘\(\‘84)ﬁ' a%\z)\}gé":/,,\&‘?m*gﬁﬁ%g

A 14 .
el’r’q} - | l,T,qu/l l,T.‘P| ;\‘ 8_6)

9m ax

AT Y A B TR S EE P H(B 8.5)4 A IRe v & 7 BT X P8 4(Trajectory Extraction
Mechanism) 2 {7 #> 3 #c 5 B~ % 41 (Mobility Feature Extraction Mechanism) -

_______________________ ————
HM Feature
- Extraction Mechanism
Mobility Data Grid Construction D —
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Analysis Radius
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i
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i
i
i
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"1 Mobility Feature
i
i
i
i
i
i
i
I
i
i

Mechanism Annotation
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Trajectory Mobility Pattern
Minimum Length Extraction Extraction

|

I
|

I
|

i
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i
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i
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I
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I
|

I
|
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| Trajectory Extraction Grid Center I
i [
|

I
|

I
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i
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i
|

i
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I
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I
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I
|

i

B 851 A {7d 2 P P8

RS E P & 2 3G ¢ 2§ 2 (Grid Construction) ~ = f¢ ¢« 3x3e(Grid Center
Annotation) ~ % §& i % P~(Trajectory Extraction) o 7 & £ i 3 B8 4] ey d® = 3% -1 1% m@ﬁgl o T E
FTEBAFEE N E RS EII AT TR RS D5 LD ARt B G RE R &
PFLEH I IR d WA RILALC R EEY B2 REF S 52 £ bt T

H-BEBPEE L AN RESBU LS R o BEFAFTTIED A BFEA T H R 5 B (Mobility
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Pattern Extraction) > ;% » ¥ & w]i& = # 3 (Mobility Features Extraction) :
(D) KA oS 78

B} BOTH hp D B el R L A O R LR R L RS L
BiZiA g f - p T RDAFOBEE  F o AT NEREE BB RE R AN S RER
ZARHBERE KRB E > A T2 0 A AP P RO RR R LR AR R sﬁ
R BEMT e B e AFTF A A KL R 2(2-Sequence)mf/§}$4fsm;\ "% f‘fﬁ’ﬁ—
(Mobility Pattern Extration) s p % > 123 4 #74% &) e o BT IF 5 W 1 Vil )?: 2
Al R R AT AL R AT N A FRA R R s’v’v:a‘_lﬁ'tt’éz AR
S FTRREREN GAR S A P o

QB H HF
TR R 2 2 ﬁj%ﬁ{f*}%ﬁf;‘x o2 b st E R AR T G BT T
wmH AR R P iRE 0 B R = A B C D-#2#3+%4 AB~AC-~AD-BC-

BD - CD ~ ABC ~ BCD ~ ABCD g%i.aﬁf—’fﬂ.—i“’éirﬁ 4
Weka $% & e0% B fisS 4584 = 2 GSP > d % Weka fedfc 7L p*
R R A B et o R Weka au o~ o

8.3 ##IR THEZHE

RS S RS AT e AT A
EREE G R T PV

A3E P 12 Foursquare 22 TALZEP AFT T ArR 200 B F o E AR P B A 3 RS

2. Facebook i & 7 'Fiw%,: B e G i 0 R R SREA B L e el o F AL H

moAFT T IR P w;}fg V2o FEfcH vl o F2* Yang fe 2012 3 2013 & 7 Foursquare fe b riT B2 T B

(Yang etal., 2015) s+ Foflo ke B &3 P FALE - H P — s g3 (New York NY, US) 5 ¢ oo
T 3R R T (Tokyo, Japan)s ¢ o XjTAugn 25 228 20 22 > & fcf T 227428 ¥ %

573703 4 47+ F L

?)

AF %% CARTO % 5 3+ 3L F 3 % il 1 onfyf 4 1 2 (Wikipedia, 2017)0 ¥ ¢ &8 k5@ 4 5
Carto Builder 14 = Carto Engine> Carto Builder ¢2i% * i & 2 ¥ CartoDB # 1 4Lif it * & 8 & i
ERZ BT RlFERE GIS kiz3 (R 23R 2 5 Carto Engine 4 & s i £k i
A 45 41 poaE APl jE_CartoDB ¥ B~ F R SR B L ioa T A G o hipd BEAE P @ % iFiE
BLEDP S R P L T L PR o I B R A R FVHILE PR RPREAE LY
MEETFARRY PR E AT 20 FTRENERY Eh i THREFFRL DG AT PRI
SITHE RIROTOR 0 2R B B AGER Pl A2 4B 8.5

53

-



Feature
Extraction

Training-
data

Training

Testing-
data

| Feature )
. Evaluation |
Parameter |
. Training- Turing
feature T
| Label |
_ Attach |
......................... y Learning
Feature " algorithm
Extra_ction

Testing-
" feature

B 8.5 :

E AT

R
?J;'p

Predict
Result

Learning
algorithm

Training-
model

Testing-
model

2 2 IR R Bk

73 B 1o 2 Pointwise ch g i B L 2 V2 (7 AR E * CART A& A s
Slded 8L PP Y P D AR L RIRE LS B R - 3 22

5w ;F;/H HRTEG A W

R
B e AR Y 2R e e0 Karamshuk % 8 % (2013)2 77 5 49t e 0 i B b P e 18 a3
BA R TG KR T T A "‘P’“;*Pz?lg\%?v&ﬁ TR o e ART R N E P2 K

A MPRO AP R RTFTF ¢ T UG
TAR B R R R B

NUA 2 Pl
Karamshuk £z %= 7%

l—.g:! = A VR 4’3‘,{*’(4c11%ﬂ ’
STREL 0 B AT P BT #w*‘ﬁ:m T g2

RB-H g B 2 37 A 8 AT ;L“ AR AR AL -
% 81: % GBI RITG
Features Dataset NDCG ERR Kendall tau NDCG@10
Our New York 0.62467465 0.35865831 0.66450666 0.60039403
research
Tokyo 0.66410347 0.43402429 0.66677333 0.63399018
Karams-h  New York 0.62694636 0.36403487 0.66782666 0.60376778
uk
Tokyo 0.66761546 0.43378512 0.67628 0.63882133
“,ﬁ% 7o Foursqure 2o B E iR MERIRE > AR F e f 7 Facebook AR ek cha B+ kg

4

o
FHE T
BB B e

R SRR

ARt 3
PR P R

# (Tainan, Taiwan) {7 7 % & & § F > % &2 ¢ 88000 i #ABZ2 =+
o3 T oEiE b M PRIR L 0 T

Vi ot A X pdFiE

TR A NATE G R T o

54

= 4 (8 8.6)’%:3:”) i’ésﬁ



(1

\\\?{r

YUJING

TAINAN

B 8.6: 5 a7 Facebook 3=+ & ghi #
) %* BR(F BRBEER)

AMERSHAFLFR A MIRFT RS SRR SR IR R ] S g
F o R AeT

a)ﬁﬁﬂﬁﬁﬁ&ﬂ%ﬂﬂﬁ*%%:*piﬁﬂﬁﬁ*f%%’%%ﬁﬂﬁiﬁiﬁﬁﬁﬁ?ﬁ

BRFR 5 P - B TR R OR o R Ak B Blde o (D) A E g F - B FAX
MR GAFSATIENPOREL DT E 0V REEFERDEL o QB A E
427 o 2 AELE m;}g?:}'@‘,}if@;vjr'#&,i i} ﬁﬁi\’*@j/ﬁﬁ%ﬁiik”‘iﬁi@f’?
4o *P"‘mp’%ﬁmﬂ’%ﬁ?ﬂ{ #d- B BM 7 FH3FRED3 2 o 27 H 4 BM ehF 74
—:F\/;:»J._:‘F.l/ lzxigyﬁﬁﬂﬂhT#% /fqu'mx’f#mmwtﬁifiz‘ f”‘ﬁ?@@’i@—ﬁ?)ﬁBM
1S W T A - BRBHECOE G (DR RE R G B HAIE R E; Q)
LY G AR ﬂxfk.é WEE e x 2 Q)Y e LA ﬂ\m i o drpt 4 B4 BM #U#;;_ﬁ
EE 1720 R0 H e BM # {7 S5 cafs € o

QPFFREFLARBFTARGEIAE | AP FE- p B3R 4 ﬁ;;;gw] G it 0 5B
B X

Facebookit * # e » S| # DISC 4 1453 « 4 * cFacebook F o k ik = # > » %] 5

¢ T3 8 {7 5 % &(Activity Log) |, ™ 2 T pFR g fi < & (Timeline Status) ;> -4t = 2 F AL >

“F**%ﬁ%”%*4ﬁﬁﬂﬁﬁﬁmoﬁ*?%6§ﬁ%§ﬂ’ﬁpi@wﬁ@\ﬁ@ﬁﬁ

Poeng s s EiE— TR “L;ﬁrﬂz(Feature) v &R iE ui |7 R AR R R SR 0 R

AEESEIFC e RSB M AIT T2 /T P 0 LR E 2 NaNeBayesa%”p‘ia HEE PR R

CfsSubsetEvalsi= 2 it » A RIFAGFRIGF L AF R ET7F S {0 IHEF L e&FTR ALY
55



B AFTHAP LR A A IPC > R T 65 (7 5 0 L AR | PEA TR B T ¢ ik 2 HiBiE
HL(Edit Distance) sty » 35 &F & 64 43¢ St (75 K& h3 $ (7 5 B 7)o %ﬁ‘»‘ SLE 35T
ﬁﬁﬂﬁﬁ&ﬁﬁiﬁiﬁﬂﬁwmﬁ’ﬂ,%F%ﬁéﬁ&%jﬁ%Aﬁﬁﬂ‘%*%@%ﬁ
iy d o AL A - AIFTESPC BiEHE 2 F B e (72 F #F# (Text Mining) > §
x5 AT /z‘% ResaMAp g B RIERE A F B ITE A A FEEA] > PN A B E B e R MR
AMFEE o B FIEMAUER 0 d 0P 2 AT chiffeft o AT 2 L EIRE S { L FEE o H G
AR BT G A o B A F LY 2 g B G BB c R AF Y 2
BART AT AR FOoNAL LU T B4 05 L 0] IR GRS B R G 2 B R
F %~ 4B B 5 Facebookds i 2 ® iz 32 3 I Roe NuER R 3(CHIL)Z 4 ¥ 7
¥~ 2 4 J|Facebook i * & 4 RAFAITERI > i

RVF HEHLW EREASATREFENFDEL P AFEFTHEDPFE - A7 WA o B8
%%WW@“*”W+”9ﬁﬁ%@EﬂWWJipiiﬁ?ii%&%ﬁﬁ%? 2 M AT
SO NE B EEL e AT R % Schwartzit 2 3E B (TS A o ég@ji%;;iﬁ‘_ggFacebook,fr
Instagramt 2B 2 3 AgpE2 o K Bl A EHRAE S > T PR s AL ﬁ?FgﬁEﬁﬁ#&Elj%@f—?A\ﬁ » L
PN ERAER SN B ERERITL AT TR i S FFSF IR e LR T
%Ej’ﬁﬂ”m’rp PR T2 EFEANPAFTRDOTH  AFTLAD 23T R

FPREHOE Nb%ﬁﬁ“ﬁ?ﬂ’u*ﬁ ZEESAEB LY ot PPHAR L S 24
LI S\ R DI SR £ DI S S AT LRSS et 4 Ak s N E k- BE G ]

-nJ )‘\

B E o

@)iﬁiﬁ%%ﬁﬁﬁﬁ*&Fi:iPz* PAE- BB BRI A# LR GBS
B B9 ¢ 3R BB 5 MR R B B BB a,ﬁ;iﬁ%g‘gu; et A A T
%%“iﬁﬁﬁs°*WB&“73w7 LEEE A DM ETRE AR R
Bo PR ES A T TR B 0 XY 334k % E BLE Beeht S 0 ﬁf"’fs- T AR KA LM
MRS i) EXFIRANIPFLE R EI B S - BB RBTR RAFETL
i# o *# 7 r1Foursquare ¥ mi/ . é\ 7 748 - Facebook s FH B FHMT N HE o £
L3R ApIRNDCG Y JE 17 7 BUp MAE § B 238 - AF T LI B R R R 6 Lk
MBS {7 s BB A B 8 UKDE S A E ~ KMeans ~ e £ 2 SN g
BRB MBI A EICSPGSPo A 7 ¥ TR HR s £ W S R S Bk
H 2 OERIE R 2k o

>‘I

AR ﬁnﬁni‘*@ﬁi’ﬁﬁ%?ﬁﬂ%i%fﬁﬁ—%4z Erenf #To X LIV RAMTRE A 4
VIR e T2 2 U X AP F A }am;ﬁi EAEY 04 BT B FEL T A E e A
fé-i’“lﬁiﬁiﬂiﬁﬂlﬁ”lﬁg?%f{uxﬂ)@ﬁua T RE AT IR A B Y W 5T TR

AR SR HEH P L AETBESRF L LY AR AT R
W FAR R 6 o B RARFETH SR iy r“éﬁﬁa‘;*‘ WA FT T ¢ o d T T AN A
ATIR 32 4P [ ’)i* WenA 4 2 Fho TR S HE i s ,/éﬁmxp*ﬂii;ﬁ‘;&)lmﬁ‘m ,
B0 FRGES AT P R FEATE R % R PP B A A B R
ARBFE G EREFEE X ET PN LEF NN R F O RO E R~ B

56



>y
i

)J‘%IK’%_‘—L_;.{L% Y =2 —3»’2{‘]",-7 , %»L% J—%pki‘!%ﬁffb_;)l—ﬁlj‘y f’g;é‘gj ”‘_?L:;(#E%ﬁ ° j\_’ﬁ)ﬁ;—f‘;'}
¥ P > AR RAT eI RFATIHED c TR BAFIED ey A0 B ERER T
He o RSEBATHRMEA D -

Az E23F
it g o ke

FTHEAAL E R A FRERZ AN BRI AP D2

=
22

o FigHme

(1) Tsung-Yi Chen, Chien-Yun Huang, Analysis on the Differences in Internet User Experiences and Virtual
Activities in Taiwan, International Conference on Engineering and Applied Science (2014 ICEAS),
22-24 July, 2014, Sappora, Japan.

(2) Tsung-Yi Chen, Meng-Che Tsai, Yuh-Min Chen, Construction of an Interactive Behavioral and Feature
Structure Model for Facebook, The IEEE International Conference on Industrial Engineering and
Engineering Management (IEEM), Kuala Lumpur, Malaysia, December 9-12, 2014.

(3) Tsung-Yi Chen, Chi-Hao Wu, Yuh-Min Chen, Maslow-based Product Positioning Analysis Model, The
2" International Materials, Industrial, and Manufacturing Engineering Conference (MIMEC2015), Bali,
Indonesia, 4-6 February, 2015. (Abstract)

@ HEE Mz A FER 2L TR EHEL A2 RAERTIFEE- 157 ML g}
B> 2015 & $ - ERSEEFAFRANE > £a FWAF 2015840 17p -

(5) Mz & -
5_’]_5

7
Fi B R BT

R R ARG SY RFEAFEL ST HE RS S P2y 02016 & 5 - 2
THMEREFFBANEE S ARG E 0 S 2015/11/27 o

(6) Tsung-Yi Chen, Developing an Ontology-based Business Model Innovation Support Platform,

International Symposium on Social Sciences and Management (ISSSM 2016), Fukuoka, Japan, February

01-03, 2016.

(7) Mz & ~ $83% ~ BUig % > 12 Facebook s fi v § A %2 i@ % & § | #2 » KC2016 4kt
%i,;]x;_iﬁﬂ’évj—g y ‘;ﬁb y < fLth » 105 # 5 * 27-28 p oo

(8) sk ~ P F & ~ and > 17 A HATHE R R BN ) F 4 > 2016 A3WA L5 B F e
Fitg o T A ARk S R 2016 £ 107 14 P o

) MEL A& F AT A o 17 B USRI § 5410 P 5 2016 5 2 5
P
2R SR g o T L PR PSR 2016 580 31D -

(10) Tsung-Yi Chen, Meng-Che Tsai, Yuh-Min Chen, Designing a Status Property Classifier Architecture of
User’s Personality, 2017 Seoul International Conference on Engineering and Applied Science (SICEAS),
February 7-9, 2017, Seoul, South Korea.

57



(11) Tsung-Yi Chen, Lyu-Cian Chen, Yu-Min Chen, Mining Location-based Service Data for Feature
Construction in Retail Store Recommendation, 17th Industrial Conference on Data Mining ICDM 2017,
July 12-16, 2017, New York, USA.

(1M 7 & M E L R 5 A2 AHGUR) RS RGN K3 2017 FREZER S Fasgy
FREHE Sk s 4106450 12137 -

o g}izlj%'s‘? :

D) Mmz & Ty MR BENET RIEHR G A2 PRITGAS LA 84] 0 TI3IFEH
2015 & 12 % 5 % 17 % > % 48 » F 393-422 - (TSSCI)

(2) Tsung-Yi Chen, Yan-Chen Liu, Yuh-Min Chen, A Method of Potential Customer Searching from
Opinions of Network Villagers in Virtual Communities, Online Information Review, Vol. 40, Issue 1,
2016, pages 146-167. (SCI, SSCI, & EI)

(3) Tsung-Yi Chen, Meng-Che Tsai, Yuh-Min Chen, A User’s Personality Prediction Approach by Mining
Network Interaction Behaviors on Facebook, Online Information Review, \Vol. 40, issue 7, 913-937,
2016. (SCI, SSCI, & El)

(4) Tsung-Yi Chen, Exploring the Systematic Business Model Innovation: Designing Architecture for a
Cloud-based Collaboration Support Environment, International Journal of e-Collaboration (1JeC), Vol.
13, Issue 2, 2017. (El).

(5) A Status Property Classifier of Facebook User’s Personality for Customer-oriented Marketing. (= 3% 4&)
(6) A Feasibility Evaluation Method for Business Model Innovation. (& 4% 4&)

(7) Developing a Personal Value Analysis Method of Social Media to Support Customer Segmentation and
Business Model Innovation. (¢ 4% 4&)

(8) On Method of Location and Mobility Analytics with Location-based Service: A Case Study of Retail
Store Recommendation, Online Information Review. (& &)

o THREI:

(1) Tsung-Yi Chen, Yuh-Min Chen, “Creating Business Opportunities: Using Business Model Innovation
Method to Enhance Online Knowledge Trading” in Encyclopedia of E-Business Development and
Management in the Digital Economy, edited by Dr. In Lee, I1GI Global publication, 2016.

542
Afuah, A. (2004). Business models: A strategic management approach. New York, NY: McGraw-Hill.

Agrawal, R., Srikant, R. (1994). Fast algorithms for mining association rules. In 20th international
conference on very large data bases (VLDB), 1215, 487- 499.

Amit, R., Zott, C. (2015). Crafting business architecture: The antecedents of business model

58



design. Strategic Entrepreneurship Journal, 9(4), 331-350.

Annisette, L. E., Lafreniere, K. D. (2016). Social media, texting, and personality: A test of the shallowing
hypothesis. Personality and Individual Differences, 115, 1 September 2017, 154-158.

Bai, S. T., Zhu, T. S, Cheng, L. (2012). Big-Five Personality Prediction Based on User Behaviors at Social
Network Sites. eprint arXiv: 1204.4809.

Blanke, U., Troster, G., Franke, T., Lukowicz, P. (2014). Capturing crowd dynamics at large scale events
using participatory gps-localization, Inintelligent Sensors, Sensor Networks and Information Processing
(ISSNIP), 2014 IEEE Ninth International Conference, 1-7.

Bossidy, L., Charan, R. (2004). Confronting Reality: Doing What Matters to Get Things Right, New York,
NY: Random House.

Boyd, C. F. (1994). Different Children Different Needs: The Art of Adjustable Parenting. Multnomah.

Brettel, M., Strese, S., Flatten, T. C. (2012). Improving the performance of business models with relationship
marketing efforts—An entrepreneurial perspective, European Management Journal, 30, 85-98.

Cervone, H. F. (2010). An overview of virtual and cloud computing, International digital library perspectives,
26(3), 162-165.

Chen, T.-Y. (2017). Exploring the systematic business model innovation: Designing architecture for a
cloud-based collaboration support environment. International Journal of e-Collaboration (1JeC), 13(2),
45-63.

Chen, T.-Y,, Chen, L.-C., Chen, Y.-M. (2017). Mining Location-based Service Data for Feature Construction
in Retail Store Recommendation. 17th Industrial Conference on Data Mining ICDM 2017.

Chen, T.-Y,, Liu, Y.-C., Chen, Y.-M. (2016a). A method of potential customer searching from opinions of
network villagers in virtual communities. Online Information Review, 40(1), 146-167.

Chen, T.-Y., Tsai, M.-C., Chen, Y.-M. (2016b). A User’s Personality Prediction Approach by Mining
Network Interaction Behaviors on Facebook. Online Information Review, 40(7), 913-937.

Chesbrough, H. (2010). Business model innovation: opportunities and barriers. Long range planning, 43(2),
354-363.

Cho, V. (2017). A study of negative emotional disclosure behavior in social network media: Will an
unexpected negative event and personality matter? Computers in Human Behavior, 73, August 2017,
172-180.

Dottore, F. A. (1977). Data base provides business model. Computer World, 11(44), 67-69.

Eppler, M. J., Hoffmann, F. (2013). Strategies for Business Model Innovation: Challenges and Visual
Solutions for Strategic Business Model Innovation. In Strategy and Communication for Innovation (pp.
3-14). Springer Berlin Heidelberg.

59



Facebook Graph API, (2015). https://developers.facebook.com/docs/javascript/reference/FB.api.

Galvin, B., Perlmutter, S. M., Shenkman, G., Ristock, H. W. A. (2007). Method for Predictive Routing of
Incoming Transactions Within a Communication Center According to Potential Profit Analysis. U.S.
Patent Application No. 11/965,958.

Ghaziani, A., Ventresca, M. J. (2005). Keywords and cultural change: Frame analysis of business model
public talk. Sociological Forum, 20(4), 523-559.

Ghosh, A., Craig, C. S. (1983). Formulating retail location strategy in a changing environment. The Journal
of Marketing, 56-68.

Golbeck, J., Robles, C., Turner, K. (2011). Predicting personality with social media. In Proceedings of the
29th ACM Conference on Human Factors in Computing Systems (CHI).

Gordon-Wilson, S., Modi, P. (2015). Personality and older consumers’ green behaviour in the UK. Futures,
71, August 2015, 1-10.

Hamel, G. (2000). Leading the Revolution. Boston. Harvard Business School.

Hernandez, T., Bennison, D. (2000). The art and science of retail location decisions, International Journal of
Retail & Distribution Management, 28(8), 357-367.

Hocevar, K. P., Flanagin, A. J., Metzger, M. J. (2014). Social media self-efficacy and information evaluation
online. Computers in Human Behavior, 39, October 2014, 254-262.

Horng, S. M. (2010). Analysis of users' behavior on web 2.0 social network sites: An empirical study. In
2010 Seventh International Conference on Information Technology: New Generations (ITNG), 454-459.

Huff, D. L. (1966). A programmed solution for approximating an optimum retail location. Land Economics,
42(3), 293-303.

Hsia, T.-L., Wu, J.-H., Li, E. (2008). The e-commerce value matrix and use case model: A goal-driven
methodology for eliciting B2C application requirements. information & Management, 45, 321-330.

Jiebing, W., Bin, G., Yongjiang, S. (2013). Customer knowledge management and IT-enabled business
model innovation: A conceptual framework and a case study from China. European Management
Journal, 31, 359-372.

Johnson, W., Christensen, C.M., Kagermann, H. (2008). Reinventing your business model. Harvard
Business Review, 86(12), 57-67.

Karamshuk, D., Noulas, A., Scellato, S., Nicosia, V., Mascolo, C. (2013). Geo-spotting: mining online
location-based services for optimal retail store placement. In Proceedings of the 19th ACM SIGKDD
international conference on Knowledge discovery and data mining, 793-801.

Kambil, A. (2009). A head in the clouds. Journal of Business strategy, 30(4), 58-59.

60



Kaplan, S. (2012). The business model innovation factory: How to stay relevant when the world is changing.
John Wiley & Sons, Inc.

Killian, G., McManus, K. (2015). A marketing communications approach for the digital era: Managerial
guidelines for social media integration. Business Horizons, 58(5), 539-549.

Knapp, M. L., Daly, J. A. (2002). Handbook of Interpersonal Communication. SAGE Publications.

Konczal, E. F. (1975). Models are for managers, not mathematicians. Journal of Systems Management, 26(1),
12-14.

Krystallis, A., Vassallo, M., Chryssohoidis, G. (2012). The usefulness of Schwartz's ‘Values Theory’ in
understanding consumer behaviour towards differentiated products. Journal of Marketing Management,
28(11-12), 1438-1463.

Kraaijenbrink, J., Spender, J. C., Groen, A. J. (2010). The resource-based view: A review and assessment of
its critiques. Journal of management, 36(1), 349-372.

Lee, E., Ahn, J., Kim, Y. J. (2014). Personality traits and self-presentation at Facebook. Personality and
Individual Differences, 69, 162-167.

Leitao, A., Cunha, P., Valente, F., Marques, P. (2013). Roadmap for business models definition in
manufacturing companies. Proceeding of Forty Sixth CIRP Conference on Manufacturing Systems
2013.

Lu, Y., Zhao, L., Wang, B. (2010). From virtual community members to C2C e-commerce buyers: trust in
virtual communities and its effect on consumers’ purchase intention. Electronic Commerce Research
and Applications, 9(4), 346-360.

Magretta, J., (2002). What Management Is: How It Works and Why It’s Everyone’s Business. New York:
Free Press.

MBAIib (2013). http : //wiki.mbalib.com/zh-tw/DISC.

Mitchell, D., Coles, C. (2003). The ultimate competitive advantage of continuing business model innovation.
The Journal of Business Strategy, 24(5), 25-49.

Moore, K., McElroy, J. C. (2012). The influence of personality on Facebook usage, wall postings, and regret.
Computers in Human Behavior archive, 28(1), 267-274.

Morris, M., Schindehutte, M., Allen, J. (2005). The entrepreneur's business model: toward a unified
perspective. Journal of business research, 58(6), 726-735.

Moulton, M. W. (1928). Emotions of Normal People. Kegan Paul Trench Trubner And Company.
Murekezi, A., Oparinde, A., Birol, E. (2017). Consumer market segments for biofortified iron beans in

Rwanda: Evidence from a hedonic testing study. Food Policy, 66, 35-49.

61



Nadkarni, A., Hofmann, G. H. (2012). Why do people use Facebook? Personality and Individual Differences.
52(3), 243-249.

NIST (2010). http://csrc.nist.gov/groups/SNS/cloud-computing/.

Ortigosa, A., Carro, R. M., Quiroga, J. I. (2014). Predicting user personality by mining social interactions in
Facebook. Journal of Computer and System Sciences, 80, 57-71.

Osterwalder, A., Pigneur, Y. (2002). An eBusiness model ontology for modeling eBusiness. BLED 2002
Proceedings, 2.

Osterwalder, A., Pigneur, Y., Tucci, C. L. (2005). Clarifying Business Models: Origins, Present, and Future
of the Concept. Communications of the association for information systems, 16(1), 1-25.

Osterwalder, A., Pigneur, Y. (2010). Business model generation: a handbook for visionaries, game changers,
and challengers. John Wiley & Sons.

Osterwalder, A., Pigneur, Y., Bernarda, G., Smith, A. (2014). Value Proposition Design: How to Create
Products and Services Customers Want. John Wiley & Sons.

O'Kelly, M. (2001). Retail market share and saturation. Journal of Retailing and Consumer Services, 8(1),
37-45.

Palmatier, R., Stern, L., EI-Ansary, A., Anderson, E. (2016). Marketing Channel Strategy. Routledge.

Palo, T., Tahtinen, J. (2013). Networked busienss model development for emerging technology-based
services. Industrial Marketing Management, 42, 773-782.

Porter, M., (2001). Strategy and the Internet, Harvard Business Review, 63-78.

Pozzi, F. A., Fersini, E., Messina, E., Liu, B. (2016). Sentiment Analysis in Social Networks. Morgan
Kaufmann.

Rokeach, M. (1973). The Nature of Human Values. New York: Free press.

Roozmand, O., Ghasem-Aghaee, N., Hofstede, G. J., Nematbakhsh, M. A., Baraani, A., Verwaart, T. (2011).
Agent-based modeling of consumer decision making process based on power distance and
personality. Knowledge-Based Systems, 24(7), 1075-1095.

Sagiv, L., Schwartz, S. H. (1995). Identifying culture-specifics in the content and structure of values. Journal
of cross-cultural psychology, 26(1), 92-116.

Salton, G., Wong, A., Yang, C. S. (1975). A vector space model for automatic indexing. Communications of
the ACM, 18(11), 613-620.

Schein, E. H. (2010). Organizational Culture and Leadership. John Wiley & Sons.

Schwartz, S. (1994). Are there universal aspects in the content and structure of values. Journal of Social
Issues, 50(1), 19-45.
62



Schwartz, S. H. (1992). Universals in the content and structure of values: Theory and empirical tests in 20
countries. Advances in experimental social psychology, 25, 1-65.

Schwartz, S. H., Sagiv, L. (1995). Identifying culture-specifics in the content and structure of values. Journal
of cross-cultural psychology, 26(1), 92-116.

Schwartz, S. H., Melech, G., Lehmann, A., Burgess, S., Harris, M., Owens, V. (2001). Extending the
cross-cultural validity of the theory of basic human values with a different method of measurement.
Journal of cross-cultural Psychology, 32(5), 519-542.

Seidman, G. (2013). Self-presentation and belonging on Facebook: How personality influences social media
use and motivations. Personality and Individual Differences, 54(3), 402-407.

Shekarpour, S., Katebi, S. D. (2010). Modeling and evaluation of trust with an extension in semantic web,
web semantics: science. Services and Agents on the World Wide Web, 8(1), 26-36.

Song, S. Y., Cho, E., Kim, Y. K. (2017). Personality factors and flow affecting opinion leadership in social
media. Personality and Individual Differences, 114, 16-23.

Souchkov, V. (2010). TRIZ and systematic business model innovation. The Global ETRIA Conference TRIZ
Future 2010.

Tahir, M. R., Bojei, J. (2014). Challenges in Business Model Innovation within Large and Small Companies.
In ISPIM Innovation Symposium. The International Society for Professional Innovation Management
(ISPIM).

Teece, E. F. (2010). Business model, business strategy and innovation. Long Range Planning, 43(2-3),
172-194.

Timmers, P. (1998). Business models for Electronic Market. International Journal of Electronic Commerce
& Business Media, 8(2), 3-8.

Wallnofer, M., Hacklin, F. (2013). The business model in entrepreneurial marketing: A communication
perspective on business angels’ opportunity interpretation, 42, 755-764.

Wang, Z., Kim, H. G. (2017). Can social media marketing improve customer relationship capabilities and
firm performance? dynamic capability perspective. Journal of Interactive Marketing, 39, 15-26.

Wang, B., Wang, X. (2007). Bandwidth Selection for Weighted Kernel Density Estimation. arXiv preprint
arXiv:0709.1616.

Wei, L. Y., Zheng, Y., Peng, W. C. (2012). Constructing popular routes from uncertain trajectories. In
Proceedings of the 18th ACM SIGKDD international conference on Knowledge discovery and data
mining, 195-203.

Wei, L., Gao, F. (2017). Social media, social integration and subjective well-being among new urban
migrants in China. Telematics and Informatics, 34(3), 786-796.

63



Wikipedia (2015). Personality. https://en.wikipedia.org/wiki/Personality.
Wikipedia (2016a). Social Media. https://en.wikipedia.org/wiki/Social_media.

Wikipedia (2016b). Value. https://en.wikipedia.org/wiki/Value.

Wikipedia (2017). CartoDB. Retrieved June 1, 2017, https://en.wikipedia.org/wiki/CartoDB.

Yang, D., Zhang, D., Zheng, V. W., Yu, Z. (2015). Modeling user activity preference by leveraging user
spatial temporal characteristics in LBSNs. IEEE Transactions on Systems, Man, and Cybernetics:
Systems, 45(1), 129-142.

Ye, M., Yin, P, Lee, W. C., Lee, D. L. (2011). Exploiting geographical influence for collaborative
point-of-interest recommendation. In Proceedings of the 34th international ACM SIGIR conference on
Research and development in Information Retrieval, 325-334.

Ying, J. J. C., Lu, E. H. C., Kuo, W. N., Tseng, V. S. (2012). Urban point-of-interest recommendation by
mining user check-in behaviors. In Proceedings of the ACM SIGKDD International Workshop on Urban
Computing, 63-70.

Yuan, J., Zheng, Y., Xie, X. (2012). Discovering regions of different functions in a city using human
mobility and POls. In Proceedings of the 18th ACM SIGKDD international conference on Knowledge
discovery and data mining, 186-194.

Zhang, J. D., Chow, C. Y, Li, Y. (2014). LORE: exploiting sequential influence for location
recommendations. In Proceedings of the 22nd ACM SIGSPATIAL International Conference on
Advances in Geographic Information Systems, 103-112.

Zhang, J. D., Chow, C. Y. (2015). CoRe: Exploiting the personalized influence of two-dimensional
geographic coordinates for location recommendations. Information Sciences, 293, 163-181.

Zhao, S., Grasmuck, S., Martin, J. (2008). Identity construction on Facebook: Digital empowerment in
anchored relationships. Computers in Human Behavior, 24(5), 1816-1836.

Zott, C., Amit, R. (2010). Business model design: an activity system perspective. Long range
planning, 43(2), 216-226.

P T 3 Fe(2016) o ¢ = %73 % 4L (CKIP) ° http://ckipsvr.iis.sinica.edu.tw/.
5 REAH2014) o AL K- HRIFRAP o 2 pd Ay o

2 #(2012) - Schwartz * #F 1 @R 2 SR3E- 1 #H B AL b W2 B R ERT R
KTTUHE LB o

B 544(2008) 0 A R BEAHER I G FARBLFE-LOMME FARL bl St 2 FARE -

F ¥
LT AR L
2 ha R GE) (1997) » fve £ A2 (B v Porter, M) » < T 5235188 -

64


https://en.wikipedia.org/wiki/Value

% v #H(#)(2003) - F A A? (R T4 : MagrettaJ.) - = 7 = i o

Wi 7 (2000) - ZAFE v ABREAFF P o 5D LA

g%~ ERE(2006) B F FAF(N 2K ST 0 T 3 HE IR
PRI~ kT S R (2014) o RTAIE FH FRAIAT KT RIRL & 2014 £1ATA L RE R

g WEstins § .
A A F3(2012) ZHEE AATRBF LA SH oMBiE A T AL ER R A EFFAT o
B2 35 (2011)4F 2 T + [ Ak 2 7w 3RAE-2006 £ 3 2010 # o4 < F T F LA G L E mhe o
TR 013) o AL g EFEF BN L RBE LT FA T EEE KR -

M R (2017) o AT iE S MRFEZ P BEE AR AT 2T N R E L 2 H A E TR
R A R R

32 F 47(2015) - #£ ¥+ Facebook T # {7 5 2. p fo (SR A RAFA S 2 F B o A H A B F e kA
TR LT e

Hrs g (2016) o ALFELEAR G A2 B ERMA AT 2 o A X A F WL FTRE L AP AL G T -

FlP R(2012) o AL H 2 RS EHR P F-N S R ERY S0 N3 A F PG FTRE b

FTRLm=? o
B & 8548 (2013) © http://udn.com/NEWS/FINANCE/FIN1/8301341.shtml -

B(2007) - R FAAH ERARAFL - B A o BPRBA £H 4R 0 1(2) > 94-100 ¢

65



PHEIAH LI EATIAARAECEFERERS

pa:_2017 + 02 * 13 p

21l 24
o MOST 103-2221-E-343 -003 -MY3
KA
F EFREGNAIRTL 2R EEAF AR iE 2 R
R | IRAIFZH B
1R Eﬁ
<R % SO ESF T T eEY
w1 T
s
106 # 2" 7p y
£ R ) £ R
T 106 # 2% 9
o .g W og Seoul, Korea
e (L) TEERY PEREEE
. :f (% =) Seoul International Conference on Engineering and
" | Applied Science (SICEAS)
:r»
?.,}Z Designing a Status Property Classifier Architecture of User’s
;’g ] Personality
$dv § A

# =t Seoul International Conference on Engineering and Applied Science (SICEAS) = #& 7
FEF  ZFAMEEN 1 h7Tpiop 2 @FEF=X BT pdks
THEZ P IEAFADPT > D HFT UK ER R AR BRSO AT § Fa0R
d oo F o ALK E%ﬁﬁ R p R R R R R R G e d o %At € A4 Higher
Education Forum i %> © ByHlcs » AZ 32 PR EF > SF Lk p L2 JROE L
CE

PR REET AR SE - RE 2 RBERT L T R R ER FEF R BT
f o BEFINURETY c ARE AP G BT E L R 2 BUT
AEAG G AL SFRBRT SR FRPERFRIAE DGR DRG0 2
FR Rt f R AERFL LA DSEF 2 F oomp 3 ) 2 w2 3 (SKY)
ZRF Lend F AR vAERE ] S0 F Rk

Sy h 'F%@%?u i 40P ?EE%@’Z&LS%%’%&E” SRS E o m LI B
sl B R hF @ SR ﬁzé,"'pd}? - B PETARGE RS AR Eaun Ay
fo o RPRAS SIS > NiE < 9 = B) Fﬁmﬂmﬁi BECRERT  REIPFFRAFRG

1



Foige o TR LE R R OBE ,,<,"~fui?2‘."§ R od WEFYS kY KERE
WASYS > % L A ﬁz%?ﬁ FRR c FROBFHE b IR
FEAREOT RN OB G 5 F PR o - SIS RIS R R R R
R AT “”T REELEORE > FRAzE AE 2 R ﬁ*ﬂ»‘@*f"?ﬂ RETVE o

ErF R R AH bR e B #%L"Eimfif&v fie & B ALGRL kSR Gk
CEEREN SRR S IR e R B S LS S L S A e
B o e BE A iE ] i€%°Wpﬁmﬁ@Wﬁlﬂ?ﬁﬁ4ﬁ’?i6Wé%iﬁ
B e BB (o

A efFAE SEFRS T ZAMEF R 0 A SICEAS = 2 T gRARY 0 AP A
BRAOEBERFL - RRRRET FARFRD 2057 0 X0 FY P9 SRR F S +f<
PEFOR G AR £ fRD DARMATRE DR F 2 RDF LRI v ek B F R RGHE
4 g ﬂgs °

RN - g R

#* =t Seoul International Conference on Engineering and Applied Science (SICEAS) » % £ iéh
%‘?—‘*‘% T E kp SAZ % Miio  HeiToda FRRSGZ « A ERABERL T
Feimh v dR 4 R AARAR 2 407 58 £ 27 A 3 & ¥ o0 Keynote Speakers (i i 0 T e
MR EE AN T EERI AP EARBAS TR TR FFATAR DL E
X B {RH s el sk o

ZA g Bt o A & 33 R 3L 4o (1) Biological Engineering: Biomaterials,
Biosensors, Biomass & Bioenergy, Bioenvironmental Engineering, Biomechanics, Biomimetics,
Genetics, Biomedical Engineering, and Bioseperation Systems & Methods; (2) Civil Engineering:
Bridge Engineering, Cartography and Geographic Information System, Coastal Engineering,
Computational Mechanics, Construction Technology, Disaster Prevention and Mitigation, and
Engineering Management; % (3) Computer Engineering and Technology: Artificial Intelligent
System, Computer Application Technology, Data Mining and Knowledge Discovery, Database
Technology, Embedded and Network Computing, E-service, Graph and Image Processing, Grid
Computing and Cluster Computing, Information Security, Information Hiding and Digital
Watermark, Multimedia Technology, Network Engineering Communication, Pattern recognition,
Software Engineering, and Signal and Image Processing % 4g%* > & 2 P o R F AL E L ML
FETT IR e

LR RARAETRY RN BERILEAHIEL > ATRAELI R LY D X T
T AN E S BRT IR ﬁﬁ—ga fs;; PEITTF T 2% > TEF I ETOL L

ate Bldr Kk p EFRERBob kAL P Q&:r&ﬁm)@@r,q,&,a TrFpe e LR ER
MBA Ffzchp b L > is o g ﬁ*ﬂﬁqﬂ hE RATR I kiR 3F 5 2 P e



EHT AMABPHRE I P LT ENEY AE o U o JI2 R P2 B P iy
L %TEI’ I‘E'_“%‘cg 3y /{i.mf\_’""—k}'. ;u(,%}

3 kg RO Y %ﬁ’ﬁﬁx” TR FSF R R A S R e
Fra% s RIEFAARTEEam S o B eate R i insf o j g
RHARBREIIESNTE o ¥ - HRAEEFLY BITPRBS H fﬁﬁf"‘i@”ﬁ&ﬁ”f";g{
%%%&géﬁ’l%ﬁ®4%@ﬁwﬂ§%%”1 T fiakg A FF o RB AN SRR
Pt TEE AT A RS BB A Lo 5’mﬂ%&*%mﬁlﬁﬂﬁwﬁ
%%%ﬂof~’-%XE%WW—%P”4F%’uﬁ%Rﬂ€Y%*iﬁwfHi*%’

TAZE AR EARE LR RAFHE SR DR TN L AT

AEHWLBS 2T 5 G (7T B ffF Y B

ﬂ,L:’(,I]J"ﬁP S ;_:r;_}grﬁ T42Y o A A wHkc
4 %mrg,fwl%ic’g]ﬁcxmrgﬂﬁ ° B

L2 A ETES AT ARER S Wk R HET

fus f AR 9L &L o [(RAR=1+ S B 1 k) AN B RIS
aﬂﬁiﬂ%ﬁﬁ,m§{ﬁWﬁ@%\ﬁﬁﬁv“mﬂM°”pﬁ“ﬂwm%ﬁ*”@
Ara'i23oo7‘%oi&"g’ﬁ;ﬁa?"ﬁﬁp 100 % pEF48 4 F SR A tiB A7 A
BREAMGBE LB G 2 - o Flpt o JIH S G g 0 AN R SR R
ABE R ANEAR R B AR B R P IR 0 RO iR o

ﬂ»%’ﬁx

-

A= TARY - AR 0 PSR 6 %wmﬁwﬂg’@%*ﬁ¢*§°*ﬁ%*
FEIGHEL L EEATA e 5 FEFL G EADPHIPOEZE R -ELFER
ikﬁx*“kﬁxﬁﬁkﬁuik%BT%ﬁjﬂ%ﬁ@wzpm<§ SESE S S B
HIP LR FEOREY > AR AR HELE o [ RH L diFagEd Ltfé‘«%];ﬁ;”ﬁﬁfu
R R FARFEZ OB RFY R EPREf ARI R NSRS o gt
BlF TG R TyR il B2 ¥ GREA Y Er e ) A LA A5 DY
MEMSD MR REY DEY LR

1v

TR R 7Y o g R AR ORRE > SR Sy h T R B D
QR RS 2 R REAFEEAR . FR LD HFEEFFFARI S I w1
2 e AR REFIR > R RG AFE AT ER 0 LA ARE N A Pg a o

BEFI 6 F oy SRR ST R R HRT 5 A LS E 2 R LD
Fhes o AR el kS R IR 2 ATRH D AP Ry s g
2EY w0 BFFF S S RFPT R AN LB ENA LA RRAGE R B

B iRk RR

Customer-oriented marketing emphasizes the necessity of obtaining information about
customers before marketing. Therefore, enterprises need to obtain information about specific
customer preferences and psychological characteristics. The information will significantly influence

their consumption behaviors and response to marketing activities. Customers’ personality
3



information will serve as a highly-valued reference if enterprises want to implement more precise
adaptive selling activities. However, it is not easy to predict the customers’ personality traits,
especially when the customers have never met. Nowadays, a great many people expose their
personal information and interact with others through various popular social media sites, especially
on Facebook. Both the behaviors of operating their own personal accounts and the digital records of
interacting with others, can be used as clues for inferring users’ personality traits. The study
designed the schematic architecture of the post property classification method, which is based on
text mining and machine learning to conduct personality type prediction on the target by collecting
and analyzing the user’s social media data.
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