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ABSTRACT

Text mining combines data mining, information retrieval and NLP
(Nature Language Processing) technologies. Text mining main application in
auto-classification, auto-summarization and knowledge management, etc.
Automatically text summarization is a problem which is using computer
technologies to give an user quick and useful document’s knowledge.Our
research emphasis on elementary school students who have Mathmatic
Learning Disabilities. In our research, Ontology can help us to define a word
concept and relationship. We propose a multi-keyword method to judge a
document’ s paragraph whether fit user‘s semantic. When a user input a query,
we should according to user’ s semantic to find the suitable document’ s
paragraph, and representation it to the users. It can be promoted knowledge
reusability and sharability. And our experiments results finds that using
multi-keywords extract document’s paragraph can suitable user’ squery.

keywords Text Mining, Text Summarization, Knowledge Extraction,
Ontology
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Ontology
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“ An Ontology is a specification of a conceptuaization”  Ontology
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Information Retrieval
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{ rlevant } ={A,B,C,D,E,F,G,H,I,3=10

{ retrieved } ={B,D,F,W,Y}=5
{relevantn retrieved}={B,D,F} =3

(Recall ratio)=3/5=60%
(Precision ratio)=3/10=30%
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(Vector Space Modd ,VSM)
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Salton & McGill 1983
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Similarity Measure Evaluation for Binary Evaluation for Weighted
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P3=1/6
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