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An SQL -based I mprovement of the FP-tree

Construction Technique

Ching-Ming Cha
Yu-Chuan Tai

Department of Computer and Information Science, Soochow University

Abstract

In general, the transaction database of the daily operation system contained lots of
unknown knowledge. For example, from the detailed transaction data we can get the customer
buying behavior, and from the historical buying data, we can analyze the relation of products,
and also base on that, we can combine with the relative products for cross selling. In the
deductive method for data mining, one of the most important things is how to retrieve the data
effectively. In this paper we will integrate database technology with SQL and SQL to apply to
the process of FP-tree from Generalized Association Rules of data mining. By using SQL to
simplify the data structure of FP-tree. The result shows that our proposal is faster than the
original FP-tree. This will be a highly effective method of data mining to improve on system

execution performance.
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construct_fptree(database D, flist FList)
input : database D, F-list FList;

output : FP-tree FPtree;

{
1:while not eof(D) do

2: tranline = read_trans(D);

: begin

: add all ancestors of each item in tranline
: removing any duplicates in tranline

end

: o_trans = get_ordered_trans(Flist, tranline);

0 NN L bW

: insert_fptree(FPtree, o_trans);
9:end while
}

3 FP-tree
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Tid Items Bought

100 Shirt

200 Jacket, Hiking Boots

300 Ski Pants, Hiking Boots
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500 Shoes

600 Jacket
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INSERT INTO S_temp

SELECT Source.tid, S_prod.level 1
FROM Source, S_prod

WHERE Source.ltem = S prod.Item

SQL 3
FP-tree 4
9 Tid 100
Tid 100
S temp

SELECT DISTINCT *
FROM S _temp ORDER BY Tid
SQL 3
FP-tree 5

S temp L,
F Table
INSERT INTO F SELECT Item, Count(¥*)
FROM S _temp
GROUP BY Item
HAVING Count(*) >= Minsup
ORDER BY Count(*) DESC
SQL

S temp

F table 12
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Iem | Count|path
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