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Abstract

The traditional data mining approaches often aim at discussing and addressing a sole
guestion. However, researchers and practitioners have realized that KDP is an
interactive-intensive and semiautomatic process, which is so called Intension Mining Model for
KDP. A number of algorithms have been proposed for association rule mining, including
incremental mining, online mining, interestingness mining, and so on. In this paper, we explore the
extended model for association rule mining that is one of the popular research areas in data
mining. An interactive and integrated framework is designed and implemented, and several

experiments are conducted to verify the effectiveness and usefulness.
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